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Purpose: In rare diseases, real-world evidence (RWE) generation is often restricted due to small patient numbers and global geographic
distribution. A federated data network (FDN) approach brings together multiple data sources harmonized for collaboration to increase
the power of observational research. In this paper, we review how to increase reproducibility and transparency of RWE studies in rare
diseases through disease-specific FDNs.

Method: To be successful, a multiple stakeholder scientific FDN collaboration requires a strong governance model in place. In such a
model, each database owner remains in full control regarding the use of and access to patient-level data and is responsible for data
privacy, ethical, and legal compliance. Provided that all this is well documented and good database descriptions are in place, such a
governance model results in increased transparency, while reproducibility is achieved through data curation and harmonization, and
distributed analytical methods.

Results: Leveraging the OHDSI community set of methods and tools, two rare disease-specific FDNs are discussed in more detail. For
multiple myeloma, HONEUR-the Haematology Outcomes Network in Europe-has built a strong community among the data partners
dedicated to scientific exchange and research. To advance scientific knowledge in pulmonary hypertension (PH) an FDN, called
PHederation, was established to form a partnership of research institutions with PH databases coming from diverse origins.
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Combination therapies in metastatic hormone-sensitive prostate cancer (mHSPC), which include the addition of an androgen receptor
signaling inhibitor and/or docetaxel to androgen deprivation therapy, have been a game changer in the management of this disease stage.
However, these therapies come with their fair share of toxicities and side effects. The goal of this observational study is to report drug-
related adverse events (AEs), which are correlated with systemic combination therapies for mHSPC. Determining the optimal treatment
option requires large cohorts to estimate the tolerability and AEs of these combination therapies in "real-life" patients with mHSPC, as
provided in this study. We use a network of databases that includes population-based registries, electronic health records, and insurance
claims, containing the overall target population and subgroups of patients defined by unique certain characteristics, demographics, and
comorbidities, to compute the incidence of common AEs associated with systemic therapies in the setting of mHSPC. These data sources
are standardised using the Observational Medical Outcomes Partnership Common Data Model. We perform the descriptive statistics as
well as calculate the AE incidence rate separately for each treatment group, stratified by age groups and index year. The time until the
first event is estimated using the Kaplan-Meier method within each age group. In the case of episodic events, the anticipated mean
cumulative counts of events are calculated. Our study will allow clinicians to tailor optimal therapies for mHSPC patients, and they will
serve as a basis for comparative method studies.
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Practitioners of digital health are familiar with disjointed data environments that often inhibit effective
communication among different elements of the ecosystem. This fragmentation leads in turn to issues such as
inconsistencies in services versus payments, wastage, and notably, care delivered being less than best-practice.
Despite the long-standing recognition of interoperable data as a potential solution, efforts in achieving
interoperability have been disjointed and inconsistent, resulting in numerous incompatible standards, despite the
widespread agreement that fewer standards would enhance interoperability. This paper introduces a framework for
understanding health care data needs, discussing the challenges and opportunities of open data standards in the
field. It emphasizes the necessity of acknowledging diverse data standards, each catering to specific viewpoints and
needs, while proposing a categorization of health care data into three domains, each with its distinct characteristics
and challenges, along with outlining overarching design requirements applicable to all domains and specific
requirements unique to each domain.
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Background and objective: The treatment landscape of metastatic prostate cancer (mPCa) has evolved significantly over the past two decades.
Despite this, the optimal therapy for patients with mPCa has not been determined. This systematic review identifies available predictive models that
assess mPCa patients' response to treatment.

Methods: We critically reviewed MEDLINE and CENTRAL in December 2022 according to the Preferred Reporting Items for Systematic Reviews and
Meta-analyses statement. Only quantitative studies in English were included with no time restrictions. The quality of the included studies was

assessed using the PROBAST tool. Data were extracted following the Checklist for Cri $ﬁ$§'|§ﬁﬁﬁﬂ7‘§b\\/u (: Ea 3_ 5

criteria.

Key findings and limitations: The search identified 616 citations, of which 15 studies 3/17_—77_—,( W 0 l/ t“ ] — E‘H%“

validated internally or externally. Only one study had a low risk of bias and a low risl

performance adequately, resulting in a high risk of bias. Where reported, the model OMOP Cl:_ (a"F*EJ'f%Td?L\
Conclusions and clinical implications: Most of the identified predictive models requ (*ﬁiftﬁ’e‘tﬂf %7:__@73\:5*)73\‘578:{/\)

studies before these can be implemented in clinical practice to assist with treatment
Patient summary: In this review, we evaluate studies that predict which treatments will work best for which metastatic prostate cancer patients. We
found that existing studies need further improvement before these can be used by health care professionals.
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Abstract

Background: Clinical trials (CTs) are foundational to the advancement of evidence-based medicine and recruiting a sufficient number of participants is
one of the crucial steps to their successful conduct. Yet, poor recruitment remains the most frequent reason for premature discontinuation or costly
extension of clinical trials.

Methods: We designed and implemented a novel, open-source software system to support the recruitment process in clinical trials by generating
automatic recruitment recommendations. The development is guided by modern, cloud-native design principles and based on Health Level 7 (HL7)
Fast Healthcare Interoperability Resources (FHIR) as an interoperability standard with the Observational Medical Outcomes Partnership (OMOP)
Common Data Model (CDM) being used as a source of patient data. We evaluated the usability using the system usability scale (SUS) after deploying
the application for use by study personnel.

Results: The implementation is based on the OMOP CDM as a repository of patient data that is continuously queried for possible trial candidates
based on given clinical trial eligibility criteria. A web-based screening list can be used to display the candidates and email notifications about possible
new trial participants can be sent automatically. All interactions between services use HL7 FHIR as the communication standard. The system can be
installed using standard container technology and supports more sophisticated deployments on Kubernetes clusters. End-users (n = 19) rated the
system with a SUS score of 79.9/100.

Conclusion: We contribute a novel, open-source implementation to support the patient recruitment process in clinical trials that can be deployed
using state-of-the art technologies. According to the SUS score, the system provides good usability.
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Abstract

Background: The use of routinely collected health data for secondary research purposes is increasingly recognised as a methodology that
advances medical research, improves patient outcomes, and guides policy. This secondary data, as found in electronic medical records
(EMRs), can be optimised through conversion into a uniform data structure to enable analysis alongside other comparable health metric
datasets. This can be achieved with the Observational Medical Outcomes Partnership Common Data Model (OMOP-CDM), which
employs a standardised vocabulary to facilitate systematic analysis across various observational databases. The concept behind the
OMOP-CDM is the conversion of data into a common format through the harmonisation of terminologies, vocabularies, and coding
schemes within a unique repository. The OMOP model enhances research capacity through the development of shared analytic and
prediction techniques; pharmacovigilance for the active surveillance of drug safety; and 'validation' analyses across multiple institutions
across Australia, the United States, Europe, and the Asia Pacific. In this research, we aim to investigate the use of the open-source
OMOP-CDM in the PATRON primary care data repository.

Methods: We used standard structured query language (SQL) to construct, extract, transform, and load scripts to convert the data to the
OMOP-CDM. The process of mapping distinct free-text terms extracted from various EMRs presented a substantial challenge, as many
terms could not be automatically matched to standard vocabularies through direct text comparison. This resulted in a number of terms
that required manual assignment. To address this issue, we implemented a strategy where our clinical mappers were instructed to focus
only on terms that appeared with sufficient frequency. We established a specific threshold value for each domain, ensuring that more
than 95% of all records were linked to an approved vocabulary like SNOMED once appropriate mapping was completed. To assess the
data quality of the resultant OMOP dataset we utilised the OHDSI Data Quality Dashboard (DQD) to evaluate the plausibility, conformity,
and comprehensiveness of the data in the PATRON repository according to the Kahn framework.

Results: Across three primary care EMR systems we converted data on 2.03 million active patients to version 5.4 of the OMOP common
data model. The DQD assessment involved a total of 3,570 individual evaluations. Each evaluation compared the outcome against a
predefined threshold. A 'FAIL' occurred when the percentage of non-compliant rows exceeded the specified threshold value. In this
assessment of the primary care OMOP database described here, we achieved an overall pass rate of 97%.

Conclusion: The OMOP CDM's widespread international use, support, and training provides a well-established pathway for data
standardisation in collaborative research. Its compatibility allows the sharing of analysis packages across local and international research
groups, which facilitates rapid and reproducible data comparisons. A suite of open-source tools, including the OHDSI Data Quality
Dashboard (Version 1.4.1), supports the model. Its simplicity and standards-based approach facilitates adoption and integration into
existing data processes.
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Abstract

Objective: Machine learning methods hold the promise of leveraging available data and generating higher-quality
data while alleviating the data collection burden on healthcare professionals. International Classification of Diseases
(ICD) diagnoses data, collected globally for billing and epidemiological purposes, represents a valuable source of
structured information. However, ICD coding is a challenging task. While numerous previous studies reported
promising results in automatic ICD classification, they often describe input data specific model architectures, that are
heterogeneously evaluated with different performance metrics and ICD code subsets. This study aims to explore the
evaluation and construction of more effective Computer Assisted Coding (CAC) systems using generic approaches,
focusing on the use of ICD hierarchy, medication data and a feed forward neural network architecture.

Methods: We conduct comprehensive experiments using the MIMIC-III clinical database, mapped to the OMOP data
model. Our evaluations encompass various performance metrics, alongside investigations into multitask, hierarchical,
and imbalanced learning for neural networks.

Results: We introduce a novel metric, , tailored to the ICD coding task, which offers interpretable insights for
healthcare informatics practitioners, aiding them in assessing the quality of assisted coding systems. Our findings
highlight that selectively cherry-picking ICD codes diminish retrieval performance without performance improvement
over the selected subset. We show that optimizing for metrics such as NDCG and AUPRC outperforms traditional F1-
based metrics in ranking performance. We observe that Neural Network training on different ICD levels
simultaneously offers minor benefits for ranking and significant runtime gains. However, our models do not derive
benefits from hierarchical or class imbalance correction techniques for ICD code retrieval.

Conclusion: This study offers valuable insights for researchers and healthcare practitioners interested in developing
and evaluating CAC systems. Using a straightforward sequential neural network model, we confirm that medical
prescriptions are a rich data source for CAC systems, providing competitive retrieval capabilities for a fraction of the
computational load compared to text-based models. Our study underscores the importance of metric selection and
challenges existing practices related to ICD code sub-setting for model training and evaluation.
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Abstract

Introduction: The potential for secondary use of health data to improve healthcare is currently not fully exploited. Health data is largely
kept in isolated data silos and key infrastructure to aggregate these silos into standardized bodies of knowledge is underdeveloped. We
describe the development, implementation, and evaluation of a federated infrastructure to facilitate versatile secondary use of health
data based on Health Data Space nodes.

Materials and methods: Our proposed nodes are self-contained units that digest data through an extract-transform-load framework that
pseudonymizes and links data with privacy-preserving record linkage and harmonizes into a common data model (OMOP CDM). To
support collaborative analyses a multi-level feature store is also implemented. A feasibility experiment was conducted to test the
infrastructures potential for machine learning operations and deployment of other apps (e.g., visualization). Nodes can be operated in a
network at different levels of sharing according to the level of trust within the network.

Results: In a proof-of-concept study, a privacy-preserving registry for heart failure patients has been implemented as a real-world
showcase for Health Data Space nodes at the highest trust level, linking multiple data sources including (a) electronical medical records
from hospitals, (b) patient data from a telemonitoring system, and (c) data from Austria's national register of deaths. The registry is
deployed at the tirol kliniken, a hospital carrier in the Austrian state of Tyrol, and currently includes 5,004 patients, with over 2.9 million
measurements, over 574,000 observations, more than 63,000 clinical free text notes, and in total over 5.2 million data points. Data
curation and harmonization processes are executed semi-automatically at each individual node according to data sharing policies to
ensure data sovereignty, scalability, and privacy. As a feasibility test, a natural language processing model for classification of clinical
notes was deployed and tested.

Discussion: The presented Health Data Space node infrastructure has proven to be practicable in a real-world implementation in a live
and productive registry for heart failure. The present work was inspired by the European Health Data Space initiative and its spirit to
interconnect health data silos for versatile secondary use of health data.
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Abstract
Background: The Bulgaria Diabetes Register (BDR) contains more than 380 millions of pseudonymized outpatient records with
proprietary data structures and format.
Objectives: This paper presents the application results and experience acquired during the process of mapping such observational health
data to OMOP CDM with the objective of publishing it in the European Health Data and Evidence Network (EHDEN) Portal.
Methods: The data mapping follows the activities of the well-structured Extract-Transform-Load process. Unlike other publications, we
focus on the need for preprocessing the data structures of raw data, cleaning data and procedures for assuring quality of data.
Results: This paper provides quantitative and statistical measures for the records in the CDM database as published in the EHDEN Portal.
Conclusion: The mapping of data from the BDR to OMOP CDM provides the EHDEN community with opportunities for including these
data in large-scale project for evidence generation by applying standard analytical tools.
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1SNOMED

21CD9CM

3ICD9Proc

4CPT4
5HCPCS
6 LOINC
7 NDFRT
8 RxNorm
9NDC

10GPI

12 Gender

13 Race

14 CMS Place of Service

15MedDRA
16 Multum
17 Read

18 OXMIS

19Indication

20ETC
21ATC

22 Multilex
28 VANDF
31sMQ

32 VA Class
33 Cohort
341CD10

35ICD10PCS

40DRG
41 MDC
42 APC

Systematic Nomenclature of Medicine - Clinical Terms (IHTSDO)

International Classification of Diseases, Ninth Revision, Clinical Modification, Volume 1 and 2 (NCHS)

International Classification of Diseases, Ninth Revision, Clinical Modification, Volume 3 (NCHS)

Current Procedural Terminology version 4 (AMA) EULA required
Healthcare Common Procedure Coding System (CMS)

Logical Observation Identifiers Names and Codes (Regenstrief Institute)
National Drug File - Reference Terminology (VA)

RxNorm (NLM)

National Drug Code (FDA and manufacturers)

Medi-Span Generic Product Identifier (Wolters Kluwer Health)

OMOP Gender

Race and Ethnicity Code Set (USBC)

License required

Place of Service Codes for Professional Claims (CMS)
Medical Dictionary for Regulatory Activities (MSSO) EULA required
Cerner Multum (Cerner)

NHS UK Read Codes Version 2 (HSCIC)
Oxford Medical Information System (OCHP)
Indications and Contraindications (FDB) License required
Enhanced Therapeutic Classification (FDB) License required
WHO Anatomic Therapeutic Chemical Classification

Multilex (FDB)

Veterans Health Administration National Drug File (VA))
Standardised MedDRA Queries (MSSO)

VA National Drug File Class (VA)

Legacy OMOP HOI or DOI cohort

International Classification of Diseases, Tenth Revision (WHO)

ICD-10 Procedure Coding System (CMS)

License required

Diagnosis-related group (CMS)
Major Diagnostic Categories (CMS)
Ambulatory Payment Classification (CMS)

27-Sep-23

1-Oct-14

1-Oct-14
1-May-23
1-Jan-24
18-Sep-23
6-Aug-18
2-Jan-24
25-Feb-24
14-Dec-17

1-Sep-23

3-Apr-18
27-Apr-15
19-Nov-15
19-Nov-15
7-Sep-21

7-Aug-23

7-Aug-23

6-Apr-21
1-Oct-23

1-Jan-18 3 1



43 Revenue Code
44 Ethnicity
46 MeSH

47NUCC

48 Medicare Specialty
50SPL
53 GCN_SEQNO

54 CCS

550PCS4

56 Gemscript
57 HES Specialty
60 PCORNet

65 Currency

701CD10CM

71ABMS

72 CIEL

73 DA_France
74DPD
75dm+d

76 BDPM

77 AMIS
78 AMT

79 EU Product

80 EphMRA ATC
81NFC

82 RxNorm Extension
84 LPD_Australia
85GRR

86 MMI

87 Specimen Type

UB04/CMS1450 Revenue Codes (CMS)
OMOP Ethnicity
Medical Subject Headings (NLM)

National Uniform Claim Committee Health Care Provider Taxonomy Code Set (NUCC)

Medicare provider/supplier specialty codes (CMS)
Structured Product Labeling (FDA)
Clinical Formulation ID (FDB)

Clinical Classifications Software for ICD-9-CM (HCUP)

OPCS Classification of Interventions and Procedures version 4 (NHS)
Gemscript (Resip)

Hospital Episode Statistics Specialty (NHS)

National Patient-Centered Clinical Research Network (PCORI)
International Currency Symbol (ISO 4217)

International Classification of Diseases, Tenth Revision, Clinical Modification (NCHS)

Provider Specialty (American Board of Medical Specialties)
Columbia International eHealth Laboratory (Columbia University)
Disease Analyzer France (IQVIA)

Drug Product Database (Health Canada)

Dictionary of Medicines and Devices (NHS)

Public Database of Medications (Social-Sante)
Medicinal Products Information System (DIMDI)

Australian Medicines Terminology (NEHTA)

Community Register of Medicinal Products for Human Use (European
Commission)

Anatomical Classification of Pharmaceutical Products (EphMRA)
New Form Code (EphMRA)

OMOP RxNorm Extension

Longitudinal Patient Data Australia (IQVIA)

Global Reference Repository (IQVIA)

Modernizing Medicine (MMI)

OMOP Specimen Type

6-Nov-23
26-Jun-18
26-Jun-18
25-Feb-24
19-Nov-15
Currently not available
28-Jan-21
1-Nov-23
26-Jun-18

License required

1-Oct-23
26-Jun-18
27-Feb-15
3-Aug-22
25-Jun-17
22-May-23
6-Oct-19

License required

Currently not available
30-Jun-21
Currently not available

4-Jul-16
4-Jul-16
25-Jan-24
31-May-22
4-Feb-22
28-Apr-17

License required

License required

32



88 CVX
89 PPI
90ICDO3
91CDT
92ISBT

93 ISBT Attribute

94 GGR
95LPD_Belgium
101KDC

102 SUS

109 MEDRT
111 Episode Type

112 SNOMED Veterinary

113JMDC

115 Provider
116 Supplier
117 HemOnc
118 NAACCR

120KCD7

121 KNHIS
123CTD
124 EDI

125I1CD10CN

126 1CD9ProcCN

127 Nebraska Lexicon
128 OMOP Extension
129 CAP

130CIM10

131 NCCD
134 CIViC

CDC Vaccine Administered CVX (NCIRD)

AllOfUs_PPI (Columbia)

International Classification of Diseases for Oncology, Third Edition (WHO)
Current Dental Terminology (ADA)

Information Standard for Blood and Transplant 128 Product (ICCBBA)

License required
License required

Information Standard for Blood and Transplant 128 Product Attribute (ICCBBA) License required

Commented Drug Directory (BCFI)
Longitudinal Patient Data Belgium (IQVIA)
Korean Drug Code (HIRA)

License required

Table of Procedures, Drugs, Orthoses, Protheses and Special Materials (Brazilian Unified Health
System)

Medication Reference Terminology MED-RT (VA)

OMOP Episode Type

SNOMED Veterinary Extension (VTSL)

Japan Medical Data Center Drug Code (JMDC)

OMOP Provider

OMOP Supplier

HemOnc

Data Standards & Data Dictionary Volume Il (NAACCR)
Korean Standard Classfication of Diseases and Causes of Death, 7th Revision (STATISTICS
KOREA)

Korean Payer (KNHIS)

Comparative Toxicogenomic Database (NCSU)

Korean Electronic Data Interchange code system (HIRA)

International Classification of Diseases, Tenth Revision, Chinese Edition (CAMS)

International Classification of Diseases, Ninth Revision, Chinese Edition, Procedures (CAMS)

Nebraska Lexicon (UNMC)
OMOP Extension (OHDSI)

CAP electronic Cancer Checklists (College of American Pathologists) License required

International Classification of Diseases, Tenth Revision, French Edition (ATIH)

Normalized Chinese Clinical Drug knowledge base (UTHealth)
Clinical Interpretation of Variants in Cancer (civicdb.org)

14-Dec-23
21-Feb-24
30-Jun-20
2-May-22
3-Dec-21
3-Dec-21
1-Sep-21
1-Aug-21
31-Jul-20

1-Feb-18

1-Apr-19
21-Jan-21

29-Nov-22
2-Mar-18

1-Jul-17

19-Feb-20
1-Oct-19

1-Jan-16
1-Jan-17
16-Aug-19
28-Feb-24
1-Apr-20
4-Oct-22
20-Dec-20
1-Oct-22
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135 CGl

136 ClinVar

137 JAX

138 NClt

139 HGNC
140ICD10GM

141 Cancer Modifier
142 OPS

143 CCAM

144 UK Biobank

145 OncoKB

146 OMOP Genomic
147 OncoTree

148 OMOP Invest Drug

150 COSMIC

151 CO-CONNECT

152 CO-CONNECT MIABIS
153 CO-CONNECT TWINS
154 NHS Ethnic Category

155 NHS Place of Service

1101@

Cancer Genome Interpreter (Pompeu Fabra University)

ClinVar (NCBI)

The Clinical Knowledgebase (The Jackson Laboratory)

NCI Thesaurus (National Cancer Institute)

Human Gene Nomenclature (European Bioinformatics Institute)
International Classification of Diseases, Tenth Revision, German Edition
Diagnostic Modifiers of Cancer (OMOP)

Operations and Procedures Classification (OPS)

Common Classification of Medical Acts (ATIH)

UK Biobank (UK Biobank)

Oncology Knowledge Base (MSK)

OMOP Genomic vocabulary of known variants involved in disease
OncoTree (MSK)

OMORP Investigational Drugs

Catalogue Of Somatic Mutations In Cancer

CO-CONNECT (University of Nottingham)
CO-CONNECT MIABIS (University of Nottingham)
CO-CONNECT TWINS (University of Nottingham)
NHS Ethnic Category

NHS Admission Source and Discharge Destination

Currently not
available

16-Feb-18
1-Sep-20
24-Aug-20
9-May-22
1-Jan-20
1-Jan-24
9-Sep-22
1-Jan-22
1-Jul-20
18-Mar-21
2-May-21
16-Feb-24
2-Nov-21
12-May-22
31-May-22
31-May-23
31-May-23
31-May-23
24-Aug-23
24-Aug-23
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OMOP Extension ((F38 (P UHETT)
Showby 100 .items Total 1,444 items n 2 3 4 5 15 >

® DOMAIN = ID Y CODE NAME CLASS CONCEPT ~ VALIDITY © DOMAIN VOCAB
filter 1340198 %\?,’0%1 65 2 miscarriages Disorder Standard Valid Condition Sx'\fgzl o

| Condition (349) 1340199 GMOPS165 3 miscarriages Disorder Standard Valid Condition i

| Device (21)

- OMOP5165 o . , " OMOP

] Meas Value (2) 1340200 geg 4 miscarriages Disorder Standard Valid Condition Extansion

| Measurement (819

. 19 1340201 OMOPS165 5 miscarriages Disorder Standard Valid Condition i

| Observation (230)

] Procedure (21) 1340202 OMOPS165 6 miscarriages Disorder Standard Valid Condition ~ OMOP.

| Specimen (2)

o 1340203 gsl\gOP5165 7 or more miscarriages Disorder Standard Valid Condition gx'\fngn i

]

® CLASS 36717849 003',\{'30%386 Able to march on spot r(::ilrl:gﬁ% Standard Valid Observation Sx“fgzi "

| Attribute (1) - OMOP5386  Accidental dislodgement of extracorporeal  Clinical . - OMOP

- 36717819 008 life support component Finding Standard Valid Observation Extension

[ ] Clinical Finding (153) v

e OMOP5000 < " , Staging / . OMOP

) Context-dependent (105) — 40219464 425 Achenbach child behavior checklist Sc agl’esg Standard Valid Measurement Extension

(| Disorder (254) o . . . .

— MOP5000 Achenbach child behavior checkilist: Staging / . OMOP

o v 40219477 439 aggressive behaviour subscale Scales Standard Valid Measurement  £;onsion

|| Event (20)

— OMOP5000 Achenbach child behavior checklist: Staging / ; OMOP

] Lab Test (130) v 40219570 gag anxious/depressed subscale Scales Standard Valid Measurement g, ension

] Observable Entity (53)

| Physical Object (21)

- - . ; CONCEPT

|| Precoordinated pair (285) o S VALIDITY

| Procedure (35 — . * . - '

- (39) ] Specimen (2) || Non-standard (70) l, l Invalid (70)

__| Qualifier Value (10) ] Staging / Scales (360) (] Standard (1374) — .

- || Valid (1374) 3

[ | Social Context (1) ] Substance (14) M 6




Race

® DOMAIN

filter

Race (53)

® CLASS

| | Race (53)
—

® CONCEPT

| Non-standard (3)
Standard (50)

® VALIDITY

Invalid (3)
| Valid (50)

38003605 3.08

38003582 2.09

38003583 2.10

38003593 2.20

38003606 3.09

38003584 2.11

38003585 2.12

38003586 2.13

38003597 2.24

38003587 2.14

38003594 2.21

38003612 4.03

38003611 4.02

Haitian

Hmong

Indonesian

lwo Jiman

Jamaican

Japanese

Korean

Laotian

Madagascar

Malaysian

Maldivian

Melanesian

Micronesian

Race

Race

Race

Race

Race

Race

Race

Racs

Race

Race

Race

Race

Race

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Standard

Show by 100 .items Total 53 ite

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Race

Race

Race

Race

Race

Race

Race

Racse

Race

Race

Race

Race

Race

Race
Race
Race
Race
Race
Race
Race
Race
Race
Race
Race
Race

Race
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Gender

Show by 100 nitems Total 5 iten

® DOMAIN A ID v CODE NAME CLASS CONCEPT VALIDITY DOMAIN VOCA
filter 8532 F FEMALE Gender Standard Valid Gender Gende
Gender (5) 8507 M MALE Gender Standard Valid Gender Gends
Non- .
8570 A AMBIGUOUS Gender el Invalid Gender Gende
- 8521 o) OTHER Gender ’S“tggaard Invalid Gender Gende
Non- .
8551 U UNKNOWN Gender standart Invalid Gender Gende
® CLASS ® CONCEPT ® VALIDITY
Non-standard (3 Invalid (3)
Gender (5) ©
Standard (2) Valid (2)
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ICD10

® DOMAIN

filter

| Condition (14099)
| Measurement (114)
| Observation (2227)
| Procedure (198)

® CLASS

filter

| ICD10 Chapter (22)
| ICD10 Hierarchy (2093)
| ICD10 SubChapter (274)
| ICD10 code (14249)

® CONCEPT

[ | Non-standard (16638)
(]

@® VALIDITY

| Invalid (4693)

| Valid (16175)

ID Vv

45601999

45547408

45577780

45591511

45572130

45582433

45606798

45601790

45755625

45563294

45548728

ARRRAQ112

CODE

Q99.1

Ad21

R10

171.3

171.4

000.0

R19.3

028.1

RO3

R19.1

028.5

no o

Show by 15 n items Total 16,638 items

NAME

46,XX true hermaphrodite

Abdominal actinomycosis

Abdominal and pelvic pain

Abdominal aortic aneurysm, ruptured

Abdominal aortic aneurysm, without
mention of rupture

Abdominal pregnancy

Abdominal rigidity

Abnormal biochemical finding on antenatal
screening of mother

Abnormal blood-pressure reading, without
diagnosis

Abnormal bowel sounds

Abnormal chromosomal and genetic finding
on antenatal screening of mother

Abnormal cytological finding on antenatal

CLASS

ICD10 code

ICD10 code

ICD10
Hierarchy

ICD10 code

ICD10 cods

ICD10 cods

ICD10 code

ICD10 codse

ICD10
Hierarchy

ICD10 code

ICD10 code

ICN1N ArAda

CONCEPT

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-
standard

Non-

n2 3 4 5 - 1110

VALIDITY

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

Valid

\/aliAd

DOMAIN

Condition

Condition

Condition

Condition

Condition

Condition

Condition

Condition

Condition

Condition

Condition

CAnditinn

VOCAB
ICD10
ICD10
ICD10
ICD10
ICD10
ICD10
ICD10
ICD10
ICD10
ICD10

ICD10

~Nin
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JMDC

® DOMAIN

filter

| Device (1313)
] Drug (37485)

® CLASS

filter

|| Brand Name (3455)
|| Device (1313)

|| Dose Form (94)

|| Drug Product (30780)
|| Ingredient (2692)

|| Supplier (464)

ID v

35197293

35197617

35197326

35197720

35197403

35197289

35197611

35162262

35162263

Ar4annnna

CODE

1000000112
04

1000000112
03

1000000338
58

1000000112
07

1000000705
71

1000000112
13

1000000332
35

1000000774
70

1000000782
08

1000000766

Show by 100 . items Total 38,798 items

NAME

15-(4-iodophenyl)-3(R,S)-
[Cardiodine]

3-lodobenzylguanidine(1231) 10MBq
[MyoMIBG-1123]

1123]

3-lodobenzylguanidine(1311) 1MBq
[PheoMIBG-1131]

[N,N'-ethylenedi-I-
cysteinate(3-)Joxotechnetium(99mTc)-
diethyl ester 400MBQq1Syg [Neurolite
[DAICHI]]

[N,N'-ethylenedi-I-
cysteinate(3-)Joxotechnetium(99mTc)-
diethyl ester 600MBq1Syg [Neurolite
[DANCHI]]

[N,N'-ethylenedi-I-
cysteinate(3-)Joxotechnetium(99mTc)-
diethyl ester [Neurolite [DAIICHI]]

[NIKKO]]

[PFIZER]]

n2 3 4 5 - 388

Absorptive Cre

CLASS CONCEPT VALIDITY
methylpentadecanoic Acid(1231) 10MBq Device Standard Valid

Device Standard Valid
3-lodobenzylguanidine(123l) [MyoMIBG- Dewice Standard Valid

Device Standard Valid

Device Standard Valid

Device Standard Valid

Device Standard Valid
Absorptive Cream 10g [Absorptive Cream Device Standard Valid
Absorptive Cream 10g [Absorptive Cream B Bbciiikard Valid

1400 [Abhc $ivn O
® VALIDITY

® CONCEPT

|| Non-standard (37485)
(] Standard (1313)

] Valid (38798)

DOMAIN

Device

Device

Device

Device

Device

Device

Device

Device

Device

VOCAB
JMDC

JMDC
JMDC

JMDC

JMDC

JMDC

JMDC

JMDC

JMDC

mam/
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