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Clusters of post-acute COVID-19 symptoms: a latent class analysis across 9 databases and 7 countries.

Kim Lépez-Giiell1#, Marti Catalal#, Daniel Dedman2, Talita Duarte-Salles3,4, Raivo Kolde5, Raul Lépez5 Blasco6, Alvaro Martinez7, Gregoire Mercier9,10, Alicia Abellan3, Johnmary T.
Arinzed, Theresa Burkardl, 6 Edward Burnl, Zara Cuccu2, Antonella Delmestril, Dominique Delseny9, Sara Khalid1, Chungsoo Kim11, 7 Ji-woo Kim12, Kristin Kostka1,13, Cora
Loste8,21,23, Miguel A. Mayer14, Jaime Meléndez-Cardiel6, Nuria 8 Mercadé-Besoral,3, Mees Mosseveld4, Akihito Nishimural9, Hedvig ME Nordeng15,16, Jessie O Oyinlola2, 9 Roger
Paredes8,17,21, Laura Pérez-Crespo3, Marta Pineda-Moncusil, Juan Manuel Ramirez-Anguital4, 10 Nhung TH Trinh15, Anneli Uuskiilal8, Bernardo Valdivieso7,20, Daniel Prieto-
Alhambral,4*, Junging Xiel, Lourdes Mateu8,21,22,23#, Annika M Jodickel#

1.

© N U

9.

10.
11.

12.

13.
14,
15.

Lépez-Glell K, Catala M, Dedman D, Duarte-Salles T, Kolde R, Lépez-Blasco R, et al. Clusters of post-acute COVID-19 symptoms: a latent class analysis across 9 databases and 7

Nuffield Department of Orthopaedics, Rheumatology and Musculoskeletal Sciences,
University of Oxford

CPRD, Medicines and Healthcare products Regulatory Agency, London, UK

Fundacid Institut Universitari per a la recerca a I'Atencié Primaria de Salut Jordi Gol i
Gurina (IDIAPJGol)

Department of Medical Informatics, Erasmus University Medical Center, Rotterdam, the 18.
19.

Netherlands

Institute of Computer Science, University of Tartu, Tartu, Estonia

Biocomputing Unit, Aragon Health Sciences Institute (IACS), Zaragoza, Spain

The Health Research Institute Hospital La Fe, Valencia, Spain

Department of Infectious Diseases & irsiCaixa AIDS Research Institute, Hospital
Universitari Germans Trias i 24 Pujol, Badalona, Catalonia, Spain

Public Health Department, University Hospital of Montpellier, France

IDESP, Université de Montpellier, INSERM, France

Department of Biomedical Sciences, Ajou University Graduate School of Medicine,
Suwon, Republic of Korea

Big Data Department, Health Insurance Review and Assessment Service, Wonju,
Republic of Korea

The OHDSI Center at the Roux Institute, Northeastern University, Portland, ME, USA
Parc de Salut Mar, Hospital del Mar Medical Research Institute, Barcelona, Spain
Pharmacoepidemiology and Drug Safety Research Group, Department of Pharmacy,

countries. J Clin Epidemiol. 2025 Jun 13;111867.

16.

17.

20.

21.

22.
23.

Faculty of Mathematics 32 and Natural Sciences, University of Oslo, Oslo, Norway
Department of Child Health and Development, Norwegian Institute of Public Health,
Oslo, Norway

Center for Global Health and Diseases, Department of Pathology, Case Western Reserve
University School 35 of Medicine, Cleveland, OH

Institute of Family Medicine and Public Health, University of Tartu, Tartu, Estonia
Department of Biostatistics, Bloomberg School of Public Health, Johns Hopkins
University, Baltimore, MD, 38 USA

The University and Polytechnic La Fe Hospital of Valencia, Avenida Fernando Abril
Martorell, 106 Torre H 1a 40 planta, 46026, Valencia, Spain

Chair in Infectious Diseases and Immunity, Center for Health and Social Care Research
(CEESS), Faculty of 42 Medicine. University of Vic- Central University of Catalonia (UVic-
uca).

Universitat Autonoma de Barcelona, Catalonia, Spain

REICOP (Red de Investigacion Covid Persistente), Madrid, Spain

N
12



COVID-19DBMIEDERDISRI— 9DDF—IR—ZETHEE

WREUVIEEEI S A D

Clusters of post-acute COVID-19 symptoms: a latent class analysis across 9 databases and 7 countries.
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Baseline characteristics and clinical outcomes of prostate cancer patients on delayed palliative management: a PIONEER
analysis based on big data

Lana YH Lail, Vasileios Sakalis2, Christos Chatzichristos3,4, Irene de la Parra5, Carl Steinbeisser6, Asieh Golozar7,8,
Bertrand de Meulder9, Ayman Hijazy9, Robert Snijder10, Qi Fengl1, Thomas Falconer12, Philip Cornford13, Anders
Bjartell14, Susan Evans-Axelsson15, James N’'Dow16, Giorgio Gandaglial7, Juan Gomez Rivas5
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Collaborate Project Management, Munich, Germany
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OHDSI Center at the Northeastern University, Boston, USA
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. Department of Biomedical Informatics, Columbia University, New York, NY,
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13. Liverpool University Hospitals, Liverpool, England
14. Department of Translational Medicine, Faculty of Medicine, Lund University,
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Baseline characteristics and clinical outcomes of prostate cancer patients on delayed palliative management: a PIONEER

analysis based on big data
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Lai LY, Sakalis V, Chatzichristos C, de la Parra |, Steinbeisser C, Golozar A, et al. Baseline characteristics and clinical outcomes of prostate cancer patients on delayed palliative
management: a PIONEER analysis based on big data. Cent European J Urol. 2024;77(3):403-10.
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Comprehensive Evaluation of Treatment Patterns in Postmenopausal Patients with Osteoporosis without Fractures: Insights
from Tertiary Care Institutions and Nationwide OMOP-CDM Data

Kyoung Jin Kim1,*, Dachung Boo2,3,*, Jimi Choil, Hyemin Yoon4, Chai Young Jung5, Seong Hee Ahn6, Namki Hong3,7,
Beom-Jun Kim8, Ji Seon Oh4,9, Seng Chan You2,3
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Comprehensive Evaluation of Treatment Patterns in Postmenopausal Patients with Osteoporosis without Fractures: Insights
from Tertiary Care Institutions and Nationwide OMOP-CDM Data
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A Generalized Tool to Assess Algorithmic Fairness in Disease Phenotype Definitions

Jacob S. Zelko, B.S.1, Justin Manjourides, Ph.D.2, 3

1. Department of Mathematics, Northeastern University, Boston, MA, USA;

2. Department of Public Health and Health Sciences, Northeastern University, Boston, MA, USA;
3. Roux Institute, Northeastern University, Portland, ME, USA
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A Generalized Tool to Assess Algorithmic Fairness in Disease Phenotype Definitions
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EHR Phenotyping Methods for Measuring Treatment Adherence Among People Living With HIV in All of Us: Towards
Disparities and Inequalities in HIV Care Continuum

Yuanzhen Yue, MS1#, Ashok Khanal, BPharm1#, Tianchu Lyu, MPH1*, Sharon Weissman, MD2,3, Chen Liang, PhD1,4,5

University of South Carolina Arnold School of Public Health, Columbia, South Carolina, USA;
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Washington
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Yue Y, Khanal A, Lyu T, Weissman S, Liang C. EHR Phenotyping Methods for Measuring Treatment Adherence Among People Living With HIV in All of Us: Towards Disparities and
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EHR Phenotyping Methods for Measuring Treatment Adherence Among People Living With HIV in All of Us: Towards
Disparities and Inequalities in HIV Care Continuum
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A Novel Sentence Transformer-based Natural Language Processing Approach for Schema Mapping of Electronic Health

Records to the OMOP Common Data Model
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7 AH®MD OHDSI Global/APAC

® Global Community Call 77— <

July 1 ATLAS Deepdive: Administrative and Technical Functions (Knoll, laroshovets)
July 15 Europe Symposium Review (Peeters, Los, Kalra, Rijnbeek)
July 22 OHDSI/OMOP Research Spotlight (Gonzalez, Bohn, Boo, Kim)

® APAC Call 7m— < https://ohdsi.org/apac/

July 4 Scientific Forum: Integration of Local Vocabulary into the OMOP CDM

Integration of Local Vocabulary into the OMOP CDM by Yijoo Park from Yonsei University, Korea
July 17 Community Call: European-themed call

Review of Selected EMA RWD Studies by Cynthia Sung

Recap of 2025 OHDSI Europe Symposium by Jason Hsu
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EU OHDSI Europe Symposium 2025 Summary

Session 1 Welcome — OMOPzEEE=x1IHLLM (Be Sariga Kakkamani)
- &0 (Liesbet Peeters & Peter Rijnbeek) - BRI HIRIEOHDSI-in-a-File (pt Pedro
- jF;Labtrlck RyanIZ& 2E5EEE TOHDSINCNETES Campos)
VS |
- ZEEHNSD/—RBN (FZEDOOMOP-CDMERIE « Session 3 - Bridging Policy & PracticeFuD{R{E
Tnﬂ]{?k%lJO)TF K T—YBRkEOHDSINZECEET B /\RIVETR
e Alex Knight(NHS & M&E#E - Study-a-thon) — RWD A= AT ANBERI RIS X 2 EEMA
- 1t Lucia Sacchi(Data Protection Impact Y REEBRIRE -AABHNEE
AssessmentT > L—FDEA) — P0—XTlEHasselt kERector&PeetersEKht, &
- r1 Eric Fey(FinOMOP&Swarm Learning) FEAI 1T OMSZEERATE T VRAZERITENT
eHDIRIRD—HDEES NI,
- Session 2 Collaborator Showcase: Rapid Fire - 1a=3—2 8k, ZjI}l’m‘Eiﬁj%l ijZ&QD_V
: 3 VI TRZRAL. ‘BE+EBERH+E0” OREHNOHDSI
Prbe\gﬂegg’ggguons ( AL, RWE. CDM®D & Z DREVLE Dt H e L TR N,
- BREAEEREFUH121)2(n Nicholas Hunt)
— $AEEEAER ittt (s Elin Rowlands) * 110 Abstracts & Posters
- EET—9#i5 (s Angela Leis) * YouTube videos available

- RET7ZRET7S X9 (ee Raivo Kolde)
- EFI)IVEBEI(EFE (N Fleur Vereijken)
- a2~ vE I Al(Hr Karlo Pintari¢)
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The Inaugural OHDSI Africa Symposium
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The inaugural OHDSI Africa Symposium will be held in Kampala at the Joint Clinical Research Centre (JCRC) and Mestil Hotel. Our community

is delighted to introduce a new face-to-face opportunity in Africa, where OHDSI is growing at an exciting pace. We hope you will join us for this
historical moment.

The first OHDSI Africa symposium will be hosted by JCRC and will begin with a dedicated one-day training course at JCRC, followed by a two-
day main conference at Mestil hotel. Below are some important dates for you to save to your calendar:

Save the Date

There is nothing quite like the OHDSI Global Symposium, which welcomes hundreds of collaborators around the world who believe in the shared
mission of improving health by empowering a community to collaboratively generate the evidence that promotes better health decisions and
better care. We can't wait to return for our biggest event of the year this October in New Brunswick, N.J.

The 11th annual OHDSI Global Symposium will be held October 7-9 at the Hyatt Regency Hotel in New Brunswick, N.J., USA. We are planning
another exciting three-day event, which will include multiple tutorials (Oct. 7), plenaries and the collaborator showcase (Oct. 8), workgroup
activities (Oct. 9) and plenty of opportunities to share, network and learn from each other. As anybody who has ever been to an OHDSI
Symposium knows, you can probably expect a bit of the unexpected as well.

Please check back on this event homepage, during OHDSI community calls, and on our social channels for all updates.
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