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OHDSI Community

OHDSIE, BT AW RE/ - RKBRELGEHEERT S0 T 5. EFERDFRY
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MRICEYREER[DLENLGERNFIONSGMAEBIELET , OHDSITKET20155FIZR
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7 OHDSI

OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

Woo We Ave v Standards Software Took Mrthenls Hrwwmch Honowrces v Join e Jos mey OHDS! Eventa Fant Evenrta

2019 ONOS! Symporiam

Join the Journey

_ OHDSI Collaborators:
* >140 researchers in academia, industry, government, health systems
* >20 countries

. * Multi-disciplinary expertise: epidemiology, statistics, medical
informatics, computer science, machine learning, clinical sciences
Databases converted to OMOP CDM within OHDSI Community:
* >50 databases
* >660 million patients
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patient_dimension

PK

Patient Num

Birth Date

Death _Date

Vital Status CD
Age Num®*
Gender_CD”
Race CD°
Ethnicity CD*

1 observation_fact
\ PK |Patient Num
2 | PK | Encounter Num
PK |Concept CD
PK |Observer CD
« | PK |Start Date
PK | Modifier CD
PK |Instance Num

concept_dimension

PK

Concept Path

Concept_CD
Name Char

End Date
ValType CD

TVal Char

NVal Num
ValueFlag CD
Observation_Blob

CDM of i2b2

HioPHERFEHRE AR -
M AIEICERESLV-RE

visit_dimension

PK

Encounter Num

Start Date

End Date
Active_Status_CD
Location CD*

observer dimension

PK

Observer Path

Observer_CD
Name_Char

modifier _dimension

PK

Modifier Path

Modifier CD
Name Char

Klann, Jeffrey G., et al. "Data interchange using i2b2." Journal of the American
Medical Informatics Association 23.5 (2016): 909-915.




CDM of SDM

Nursing

Medical Practices WO M=y aR a1,

e ™ h
SDM_PRESCRIBE SDM_NS_DIARY
SDM_INJECTION SDM_VITAL
sovRecE Audit Trails SO\ PR
SDM_OPE SDM_NS_PROCESS
SDM_RIHABILI SDM_KEYS SDM_NS_PROFILE
SDM_DIALYSIS SDM_NS_CONFIRM
SDM_BLOOD_TRANS

— — \ J
SDM_GUIDANCE Process
SDM_TREATMENT (Indexes) Laboratory
\ J - N e A\
SDM KEYS SDM_BLOOD
i SDM_INDEX SDM_BIOCHEMICAL
(M edical Record s\ SOM_INDEX 2OM TUMOR . MARKER
SDM REPORT SDM_IMMUNITY_SERUM
SDM_DIAGNOSIS SDM:CALENDAR SDM_HORMONE
SDM_SOAP SDM_MATERIAL ~\§‘~s\‘ SDM_URINE_EXCRETA
SDM_COMMUNICATION /L ) SDM_BACTERIA
SDM_SUMMARY SDM_PATHOLOGY
SDM_CP_PLAN SDM_PHYSICAL
SDM_CP_VARIANCE SDM_RADIOLOGY
SDM_CP_EVALUATION SDM_RI
) SDM_ENDOSCOPE
\ g Profiles \_ )
<
Management Personal

( )

SDM_RESERVATION
SDM_REFERRAL SDM_ALLERGY

SDM_ADDMISSION SDM_INFECTION
SDM_DOCUMENT SDM_HISTORY SDM PERSONAL

SDM_TRANSFER
\ J . J

SDM_PROFILE )
SDM_SOMATOMETRY Information

Eizen Kimura and Hideo Suzuki, Development of a Common Data Model Facilitating Clinical Decision-Making and Analyses, Studies in Health
Technology and Informatics 264 (2019), 1514-1515.
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CDM of OHDSI

Person

Standardized clinical data

Observation_period

Visit_occurrence

Visit_detail

Y

Standardized health Standardized
system data metadata
> Location v\ CDM _source
» Location_history Metadata

i Care_site

h J

Condition_occurrence

f

Provider

- Drug_exposure “|//Standardized derived
" elements
»| Procedure_occurrence
Condition_era
> Device_exposure g Drug_era
> Measurement ‘{/' Dose_era
» Note Results schema
|—> Note_NLP Cohort

Y

Survey_conduct

Cohort_definition

> Observation

— L] L

> Specimen

Standardized health
economics

Cost

Standardized
vocabularies

Concept

Vocabulary

Domain

Concept_class

Concept_relationship

Relationship

Concept_synonym

Concept_ancestor

Source_to_concept_map

Fact_relationship

A 4

Payer_plan_period

Drug_strength

The Book of OHDSI by Observational Health Data Sciences and Informatics (Author) 2020 Editionk Y 5|
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An international characterisation of patients hospitalised with COVID-19
and a comparison with those previously hospitalised with influenza

Edward Burn, Seng Chan You, Anthony Sena, Kristin Kostka, Hamed Abedtash, Maria Tereza F Abrahao,
Amanda Alberga, Heba Alghoul, Osaid Alser, Thamir M Alshammari, Carlos Areia, Juan M Banda, Jaechyeang Cho,
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ChiYoung Jung, Benjamin Skov Kaas-Hansen, Denys Kaduk, Seamus Kent, Yeesuk Kim, Spyros Kolovos,
Jennifer Lane, Hyejin Lee, Kristine E. Lynch, Rupa Makadia, Michael E. Matheny, Paras Mehta, Daniel R. Morales,
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It reports new medical research that has yet to be evaluated and so should not be
used to guide clinical practice.

Abstract InfolHistory Metrics (3 Preview PDF

Abstract

Background To better understand the profile of individuals with severe coronavirus disease
2019 (COVID-19), we characterised individuals hospitalised with COVID-19 and compared
them to individuals previously hospitalised with influenza. Methods We report the
characteristics (demographics, prior conditions and medication use) of patients hospitalised
with COVID-19 between December 2019 and April 2020 in the US (Columbia University Irving
Medical Center [CUIMC], STAnford Medicine Research data Repository [STARR-OMOFP], and
the Department of Veterans Affairs [VA OMOP]) and Health Insurance Review & Assessment
[HIRA] of South Korea. Patients hospitalised with COVID-19 were compared with patients
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Nintedanib and ischemic colitis: Signhal assessment with
the integrated use of two types of real-world evidence,
spontaneous reports of suspected adverse drug reactions,
and observational data from large health-care databases

Rebecca E. Chandler

Uppsala Monitoring Centre, Uppsala, Sweden

Abstract
Correspondence Purpose: Statistical screening of Vigibase, the global database of individual case
Rebecca E. Chandler, Uppsala Monitoring o .
Centre, Uppsala, Sweden. safety reports, highlighted an association between the MedDRA Preferred Term
Email: rebecca.chandler@who-umc.org (PT) “colitis” and nintedanib. Nintedanib is a protein kinase inhibitor authorized in

accelerated regulatory procedures for the treatment of idiopathic pulmonary fibrosis

(IPF). The aim of this report is to describe the integration of two types of real-world
/ | eyidence, spon neqﬂreports of adverse drug reactions (ADR), and observational
% 1 ~
cF% % |$H|-ﬁ %ﬁ %E J-LIE QELE Fa (o@m Be assessment of a post-authorization safety signal of ischemic
BETHE= Y Thmdn
ds: Ass&SsmeTt of the statistical signal of “nintedanib - colitis” was undertaken

£\ ~ » =
jt H * “/ 7 j- )l&mﬂﬁom VigiBase, OHD from the Observational Heath Data Sciences and

Informatics (OHDSI) collaborative, published literature, and openly available regula-
tory documents. Evidence synthesis was performed to support Bradford Hill criteria

in causality assessment.
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