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[Carbapenem Resistance and ESBL-Producing Enterobacteriaceae in Patients with Urological Infections from 2012 to 2021 in Three Korean Hospitals]
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ESBL: extended-spectrum B-lactamase
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[Transforming the Medicare Claims Data to the OMOP Common Data Model]
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[Validation of the transformed clinical practice research datalink (CPRD) GOLD and aurum data into the OMOP common data model]
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[Semiautomatic mapping of a national drug terminology to standardised OMOP drug concepts using publicly available supplementary information]
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[Development and Implementation of an Open, Modular, and Participatory Toolchain for Distributed IT Development in Healthcare Research - Lessons Learned]
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