ZoomZFH [&RIFEERZAT] SFELLET,

< AR
’ OH DSI )

JA PAN OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

[ OHDSIAT(%. TLTOEBCRNES . ]

OHDSI Japan
evening conference #28

AT=2F hoTd7L U A (E28[E)
2022.3.29



< oo
g* OH DSIF;Ial—_—DFFH
Pubmed ¢”OHDSI or OMOP"%# 2%

O..I-lllllll(rj

2010 2022

pubmed.ncbi.nim.nih.govIZ TYERL

SHIRIRE : 2823643824475




SOREIMRBE (CH T DIFHDEZEICDINT

> BMC Psychiatry. 2022 Mar 21;22(1):208. doi: 10.1186/512888-022-03852-z.

Gender differences in outpatients with dementia
from a large psychiatric hospital in China

]

Jiagjiao Zhou * 1, Chengwei Guo ® T, LiRen T, Dandi Zhu 1, Wenfeng Zhen T, Saina Zhang

Qing'e Zhang 2

Affiliations + expand
PMID: 35313835 PMCID: PMC85835692 DOl 10.1186/512888-022-03852-2



A 3 1
Background: The sociodemographic characteristics and clinical features of dementia patients in psychiatric hospitals have not been thoroughly
studied in China. This study aimed to explore the psychiatric outpatient attendance of dementia patients at a psychiatric hospital in China, with
particular emphasis on gender differences.
Methods: This retrospective study examined outpatients with dementia from January 2013 to August 2019 using data in the Observational Medical
Outcomes Partnership Common Data Model (OMOP-CDM) in Beijing Anding Hospital. Age, sex, number of visits, use of drugs and comorbid
conditions were extracted from medical records.
Results: Nine thousand four patients were recruited from a specific outpatient clinic of a hospital in Beijing, and the mean number of visits was 6.92.
There were 3,433 (38.13%) male patients and 5,571 (61.87%) female patients. The most common comorbidities were generalized anxiety disorder,
nonorganic insomnia, delusional disorder and depressive disorder. The proportion of patients using antidementia was the highest, with the rate of
68.3%, followed by benzodiazepines (48.83%), antipsychotics (45.43%), antidepressants (22.24%) and nonbenzodiazepines (19.96%). Patients with
dementia showed a significant gender difference in average age (t =6.36, P < 0.0001). Compared to male patients, female patients had a higher
number of visits (7.40 & 12.90 vs 6.15 = 10.50, t = 4.81, P < 0.0001). There were significant differences in comorbidity composition between male
and female patients (t = 23.09, P < 0.0001).
Conclusions: Our present findings suggested significant gender differences in the proportion of age, number of visits and comorbidity composition in
outpatients with dementia.
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Deficiencies in data sharing capabilities limit Social Determinants of Health (SDoH) analysis as part of COVID-19
research. The National COVID Cohort Collaborative (N3C) is an example of an Electronic Health Record (EHR)
database of patients tested for COVID-19 that could benefit from a SDoH elements framework that captures various
screening instruments in EHR data warehouse systems. This paper uses the University of Washington Enterprise Data
Warehouse (a data contributor to N3C) to demonstrate how SDoH can be represented and managed to be made
available within an OMOP common data model. We found that these data varied by type of social determinants data
and where it was collected, in the time period that it was collected, and in how it was represented.
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Beacon is a basic data discovery protocol issued by the Global Alliance for Genomics and Health (GA4GH). The main goal addressed by
version 1 of the Beacon protocol was to test the feasibility of broadly sharing human genomic data, through providing simple "yes" or
"no" responses to queries about the presence of a given variant in datasets hosted by Beacon providers. The popularity of this concept
has fostered the design of a version 2, that better serves real world requirements and addresses the needs of clinical genomics research
and healthcare, as assessed by several contributing projects and organizations. Particularly, rare disease genetics and cancer research will
benefit from new case level and genomic variant level requests and the enabling of richer phenotype and clinical queries as well as
support for fuzzy searches. Beacon is designed as a "lingua franca" to bridge data collections hosted in software solutions with different
and rich interfaces. Beacon version 2 works alongside popular standards like Phenopackets, OMOP or FHIR, allowing implementing
consortia to return matches in beacon responses and provide a handover to their preferred data exchange format. The protocol is being
explored by other research domains and is being tested in several international projects.
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What's a Beacon?

Beacon is a genetic mutation sharing platform developed by the Global Alliance for Genomics and
Health. A beacon is web service that any institution can implement to share genetic data. A beacon
answers questions of the form "Do you have information about the following mutation?" and
responds with one of "Yes" or "No", among potentially more information.
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Query:
GET https://beacon-network.org/api/responses?
chrom=17&po0s=41244981&allele=G&ref=GRCh37&beacon=[amplab,brca-exchange]

{

"beacon": {
llidll: llamplabll’

"name": "AMPLab - 1000 Genomes Project",

"url": null,

"organization": "AMPLab, UC Berkeley",

"description": null,

}

"homePage": null,
"email": null,
"aggregator": false,
"visible": true,
"enabled": true,
"supportedReferences": [
"HG38",
"HG18",
"HG19"
]

uery": {

"chromosome": "CHR17",
"position": 41244981,
"allele": "G",
"reference": "HG19"

12

response": true,

"frequency": null,
"externalUrl": null,

),

{

info": null

"beacon": {

"id": "brca-exchange",
"name"; "BRCA Exchange"

X3

"url"; null,
"organization": "BRCA Exchange",
"description": "Public variant annotations from

"Condition_category": "Disease",
"Comment_on_clinical_significance": "IARC
class based on posterior probability from

"enabled": true,
"supportedReferences": [
"HG19"
]
b
"query": {
"chromosome": "CHR17",

BRCA Exchange.", multifactorial likelihood analysis, thresholds for class
"homePage": null, as per Plon et al. 2008 (PMID: 18951446). Class 1
"email": null, based on posterior probability = 0.00018. Also class
"aggregator": false, 1 based on frequency >1% in an outbred sampleset.
"visible": true,

Frequency 0.01399 (Asian), derived from 1000
genomes (2012-04-30).",

"Reference_sequence": "NM_007294.3",

"Gene_symbol": "BRCA1",

"URL": "http://hci-
exlovd.hci.utah.edu/variants.php?select_db=BRCA1
&action=search_all&search_Variant%2FDNA=c.256
6T>C",

"position": 41244981, "chrom";: "17",
"allele™: "G", "Abbrev_AA_change": "Y856H",
"reference": "HG19" "ref": "A",

h "Assertion_method": "ENIGMA BRCA1/2

"response": true,
"frequency": null,
"externalUrl": null,
"info": {
"Clinical_significance_citations":
"PMID:21990134",
"HGVS_cDNA": "c.2566T>C",
"Condition_ID_type": "OMIM",
"Date_last_evaluated": "8/10/15",
"HGVS_protein": "p.(Tyr856His)",
"Assertion_method_citation":
"http://enigmaconsortium.org/documents/ENIGMA_R }
ules_2015-03-26.pdf", ]
"ClinVarAccession": "SCV000244323",
"alt": "G",

Classification Criteria (2015)",

"BIC_Nomenclature": "2685T>C",
"Clinical_significance": "Benign",
"Genomic_Coordinate": "chr17:41244982:A>G",
"Allele_origin": "Germline",
"position": "41244982",
"Collection_method": "Curation",
"Condition_ID_value": "BREAST-OVARIAN

CANCER, FAMILIAL, SUSCEPTIBILITY TO, 1;

BROVCA1 (604370)"
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Analysis of treatment pattern of anti-dementia
medications in newly diagnosed Alzheimer's
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Anti-dementia medications are widely prescribed to patients with Alzheimer's dementia (AD) in South Korea. This
study investigated the pattern of medical management in newly diagnosed patients with AD using a standardized
data format-the Observational Medical Outcome Partnership Common Data Model from five hospitals. We examined
the anti-dementia treatment patterns from datasets that comprise > 5 million patients during 2009-2019. The
medication utility information was analyzed with respect to treatment trends and persistence across 11 years. Among
the 8653 patients with newly diagnosed AD, donepezil was the most commonly prescribed anti-dementia medication
(4218; 48.75%), followed by memantine (1565; 18.09%), rivastigmine (1777; 8.98%), and galantamine (494; 5.71%).
The rising prescription trend during observation period was found only with donepezil. The treatment pathways for
the three cholinesterase inhibitors combined with N-methyl-D-aspartate receptor antagonist were different according
to the drugs (19.6%; donepezil; 28.1%; rivastigmine, and 17.2%; galantamine). A 12-month persistence analysis
showed values of approximately 50% for donepezil and memantine and approximately 40% for rivastigmine and
galantamine. There were differences in the prescribing pattern and persistence among anti-dementia medications
from database using the Observational Medical Outcome Partnership Common Data Model on the Federated E-
health Big Data for Evidence Renovation Network platform in Korea.

BRETI(E. 7ILWWI\AX—BERAME (AD) JBEB(CHERMEENL AUABETNTWVD, KAFK TS, R4
ftenie—9 24— v k (OMOP CDM) ZRAWT. filzlCADEEMENEZEEEOERER/\Y—>
Z5DDFEREMSHABULRE. 2009FEMN52019FDRIIC5008 AL EDEBENSRDZIT—5F1Y b5,
FLERAEBED/ Y — 2 ZIRFT Uz, EMBERAMIERE. 11FBOEEERS KUFRHGECREA LU TOH UL
Joo FIZICADERZRIENTZ8653ANDEEDND DS, FREXSUA SNTZHERFIERE (L RFRRZ)L (4218,
48.75%) . RWTAIY>F> (1565, 18.09%) . UINXFIT=> (1777. 8.98%) . HS>HF=>
(494, 5.71%) TohoIc. 13H. BRABPCUAEMBINLZDE. RAERZILDHTH D, IV
> I RS —TEEHIZE EN-methyl-D-aspartateRSAIENH E DHABEL. FBHI(C K> TEER
AR D> TULE (RERD)L19.6%. UINRXFT=Z228.1%. HS5>HF=217.2%) . 12 A0
ST TR, RAERSILEXAT D F O THIS0%., YINRAFIT=Z2 EHS A Z2TH40% EWVWDIENR
=N/z. #EEDFederated E-health Big Data for Evidence Renovation Network(FEEDER-NET)~
Sv hJA—ALEDOMOP COMZERW =T —IR=IANS., FEBAREREDUS)\F—> Sk (CER
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Patient characteristics and antiseizure medication
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and pilot results using the common data model in a
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Introduction: Efforts to characterize variability in epilepsy treatment pathways are limited by the large number of possible antiseizure medication
(ASM) regimens and sequences, heterogeneity of patients, and challenges of measuring confounding variables and outcomes across institutions. The
Observational Health Data Science and Informatics (OHDSI) collaborative is an international data network representing over 1 billion patient records
using common data standards. However, few studies have applied OHDSI's Common Data Model (CDM) to the population with epilepsy and none
have validated relevant concepts. The goals of this study were to demonstrate the feasibility of characterizing adult patients with epilepsy and ASM
treatment pathways using the CDM in an electronic health record (EHR)-derived database.

Methods: We validated a phenotype algorithm for epilepsy in adults using the CDM in an EHR-derived database (2001-2020) against source records
and a prospectively maintained database of patients with confirmed epilepsy. We obtained the frequency of all antecedent conditions and
procedures for patients meeting the epilepsy phenotype criteria and characterized ASM exposure sequences over time and by age and sex.

Results: The phenotype algorithm identified epilepsy with 73.0-85.0% positive predictive value and 86.3% sensitivity. Many patients had neurologic
conditions and diagnoses antecedent to meeting epilepsy criteria. Levetiracetam incrementally replaced phenytoin as the most common first-line
agent, but significant heterogeneity remained, particularly in second-line and subsequent agents. Drug sequences included up to 8 unique ingredients

and a total of 1,235 unique pathways were observed.
Conclusions: Despite the availability of additional ASMs in the last 2 decades and accumulated guidelines and evidence, ASM use varies significantly in

practice, particularly for second-line and subsequent agents. Multi-center OHDSI studies have the potential to better characterize the full extent of
variability and support observational comparative effectiveness research, but additional work is needed to validate covariates and outcomes.

(ZUSHIC: TANDADEBERIEDIESDETZASHNCITDZHDEHE. FIEERILTVNAZE (ASM) LA -5
ADENLNC &, BEDOAT—MH, B TOIEE EHRIRORIE EWVWSERBEICK D THIBRENTULYD, OHDSIH[E
AR, HBEDOFT—FEEERANZ10EU EDOEERFERERITDEBNRT—FRY NDJ—0TI, LML, OHDSID
HiET—45EFT)L (CDM) ZETANABREBEECBERAUEARIIEFEAERL, BETIMEDOIREEBITHONTLVRL, K
AFROBMIE. EFHILT (EHR) BARDT—IN—X(CHUT. CDMZAWVWTHRATADAEED LVOASMAERE/I\ZD
HHZEBESHNCTEZILERIA I DI ETHD,
ik EHRT—4INXR—X (2001~20204) (CHLT. COMEAWERATANADRKRIRE )L TJU L%, BERIES LV
AIEE (CHIF SN TUVB TANAEEBREDT —IN—XELR U, REEUZ. TANADORIRBEEZBICIEEHDIN
TOHATERED LMLBEDSEE 73k, ZFFNEXUER - BIC EDASMIRES —o > ADEEHZIASHC UL,
fER: RIRAY7)LTVU X A&, 73.0-85.0% D5 EFZR E86.3%DREE T CANAZRTELZ. Z2<DEEE. TANA
DOEEZHBZITRIC, HRRFIAIREDZIZZ T CUE, B8 REE. Jx T > (XD D I//\‘?jt'gim‘fumt
IR e, BFICETEIRELF (CEIKREFTIAA i’]’f’f’l_&cb‘%bnto FMACH (C (SR ARSIEFHDR I MNESEN. &511,23551F5
DI\ AT TANERENT.

s BE20FERIBINDASMAFAERIEEE D, A RSAWDPIEFT > INBERBINECHEMNNDST . ASMODER
(F. FICTTEBEES XU ZNLBEOERICHNT, ERICITIARETLER D> TS, St BEOHDSIEERE. (5D
DEBZ LD IEHECIEIEL. BIRNIEBRIRIANZXIE T DOJEeEN D3N, HE S LERIFHARIE I DIHDENWEZEN W

BTHD.
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Common Data Model: Pilot Feasibility Study
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Background: Falls in acute care settings threaten patients' safety. Researchers have been developing fall risk prediction models and
exploring risk factors to provide evidence-based fall prevention practices; however, such efforts are hindered by insufficient samples,
limited covariates, and a lack of standardized methodologies that aid study replication.
Objective: The objectives of this study were to (1) convert fall-related electronic health record data into the standardized Observational
Medical Outcome Partnership's (OMOP) common data model format and (2) develop models that predict fall risk during 2 time periods.
Methods: As a pilot feasibility test, we converted fall-related electronic health record data (nursing notes, fall risk assessment sheet,
patient acuity assessment sheet, and clinical observation sheet) into standardized OMOP common data model format using an extraction,
transformation, and load process. We developed fall risk prediction models for 2 time periods (within 7 days of admission and during the
entire hospital stay) using 2 algorithms (least absolute shrinkage and selection operator logistic regression and random forest).
Results: In total, 6277 nursing statements, 747,049,486 clinical observation sheet records, 1,554,775 fall risk scores, and 5,685,011
patient acuity scores were converted into OMOP common data model format. All our models (area under the receiver operating
characteristic curve 0.692-0.726) performed better than the Hendrich Il Fall Risk Model. Patient acuity score, fall history, age =60 years,
movement disorder, and central nervous system agents were the most important predictors in the logistic regression models.
Conclusions: To enhance model performance further, we are currently converting all nursing records into the OMOP common data
model data format, which will then be included in the models. Thus, in the near future, the performance of fall risk prediction models could
be improved through the application of abundant nursing records and external validation.

B5: SHHEEICHITIHEREIE. BEORZREZENT, HRELX. TEFT O XICEDLHRAIFIHORKEIRME I BIEHIC.
Eﬁﬁ]')lﬂ%ﬁﬂ%r)b’iﬁﬁ%b BRRFEERUTCERE. U U, COLSRBEDBHE. A>T, RSNz
HZE, HAROBIRZITIELENRSERDRUNCK D THITFESNBIEDTH D,

B&Y: KAKOBEM(Z. (1) EREEEDEFHILTFT—4%Z. OMOP CDMICZIaL. (2) 2DOHAIHOEREIY X 0%
FHITIDIETILERHFEIDCETHOIE

Bk BN D —>EUSTa TR MEUT., GRBEEDEFHILTT—4 (BELR. &5ED X U5HbR. BESMHE
MR, BEAREIERER) &, it - 2R - O— RETL) TOERZANT. EELESN/ZOMOP COMI(CE# LTz, 2DD7)L
TJUX A (B/IMEGERE) - BIREEFOS XS wo0EIE. SOAALATALAR) ZANT. 2D0OHE (ABR7HIA.
ABRHAREIR) (CDWTERREIU R OFHETILZER UTZ.

fER: 55162771 EECIR. 747,049,4864FDERRERERECER. 1,554, 7754FD8E' ) X X177, 5,685,01114F0D=E
E2MHEAIZZX J77H0OMOP CDM(;W}ﬁéﬂto TDf/\_COD:ET)l/(EIHendrlch II%@J DXOEFILK DED?B%*%’@E/—R Lz
(ROC-AUC 0.692-0.726) » O RS wPEIIFESTILCIE, BEHEHNDXOF, HEIE, Fi62605%, EE#fEE, X
HRRFR N REEERTFHRFCTHoIE.
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Ensuring a safe(r) harbor: Excising personally
identifiable information from structured electronic

health record data
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Recent findings have shown that the continued expansion of the scope and scale of data collected in electronic health records

are making the protection of personally identifiable information (PIl) more challenging and may inadvertently put our

institutions and patients at risk if not addressed. As clinical terminologies expand to include new terms that may capture PII

(e.g., Patient First Name, Patient Phone Number), institutions may start using them in clinical data capture (and in some cases,

they already have). Once in use, Pll-containing values associated with these terms may find their way into laboratory or

observation data tables via extract-transform-load jobs intended to process structured data, putting institutions at risk of

unintended disclosure. Here we aim to inform the informatics community of these findings, as well as put out a call to action

for remediation by the community.
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