OHDSI
Japan Introduction

10:00am - 1:00pm [Part 1] Discussion (with some breaks) @11 K&=ZEZED
- 10:00-10:10 Opening
- 10:10-10:25 Self-introduction
- 10:30-11:10 The latest situation of OHDSI in Asia, Europe and the United States
- 11:10-11:30 The situation of secondary use of clinical data in Japan
- 11:45-12:15 About Vocabulary / OMOP-JV (with discussion)
- 12:15-12:30 About management of OHDSI Japan

1:00pm-2:30pm Lunch at Akasaka district
Location: GARB CENTRAL https://www.garb-central.jp/

3:00pm-5:00pm [Part 2] OMOP-CDM Mini-Tutorial @5[5504%1 =
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Data Standardization

Data standardization is the critical process of bringing data into a common format that allows for collaborative research, large-scale analytics, and
sharing of sophisticated tools and methodologies. Why is it so important?

Healthcare data can vary greatly from one organization to the next. Data are collected for different purpeses, such as provider reimbursement,
clinical research, and direct patient care. These data may be stored in different formats using different database systems and information models
And despite the growing use of standard terminologies in healthcare, the same concept (e.g., blood glucose) may be represented in a variety of
ways from one setting to the next.

We at OHDSI are deeply involved in the evolution and adoption of a Commeon Data Model known as the OMOP Common Data Model. We provide
resources to convert a wide variely of datasets into the CDM, as well as a plethora of tools to take advantage of your data once it is in CDM format.

Most importantly, we have an active community that has done many data conversions (often called ETLs) with members who are eager to help you
with your COM conversion and maintenance.

OMOF Commeon Data Model

Source 1 Source 2 Source 3

o —
Analysis Analysis
method results




EER 754 —T 2 3R4% . OMOP Common Data Model

BOMOP-CDM
0 H DS' REAOMOPHS L HIBASE L 1= . BIIERD ST
OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS *IJ%% E E’]t-g—l% ~ /\Lo)ﬁ/_t %IE@%E*%
(OMOP: FDAEKEERELDBEDER IO I+
“Observational Medical Outcomes Partnership®)

‘/ ,

OCTOBER 18TH, 2017

o ZBORDBMSTEETES,
OHDSI - IRE(XOHDSIZKYHFEESIN TS,
el - Public DomainMEEF SN T S,

AtLEF Zif OMOP-
AT CDM

P OMOP-
CDM

Bt EF
HILT

SEE £ OMOP-
T—’Sl CDM

F—RY—ZANE-STE
RICDBR: =



Contrast with MID-NET

OMOP-CDM MID-NET (
Center ]
Claims, SS-MIX2 VG
DPC
Source Data %

Claims, DPC data

Lab CSV Others

Accounting
system

Accounting

+ system

Data Source Dept. sy

A
Others

MID-NET : PMDA’s data infrastructure for drug safety investigation (Japanese Sentinel project)
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OMOP-CDM (OHDSI) DRI S &R B

= Strengths

= Analysis portability

Analysis written at one site can possibly be executed by other
partners within the consortium

= Common Data Model, OMOP Vocabularies
= Tools + R packages
« Community of researchers, past studies are open source

= Weaknesses
——sMust-have recources for data transformation to CDM—
/ = Expertise to install/use OHDSI tools and packages

There is a tool for domestic usage

Medinfo 2017 OHDSI & #i
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Characterizing treatment pathways at scale using the
OHDSI network

George Hripcsak™™ <", Patrick B. Ryan““, Jon D. Duke®“®, Nigam H. Shah“’, Rae Woong Park“?, Vojtech Huser"",
Marc A. Suchard®", Martijn J. Schuemie®?, Frank J. DeFalco®d, Adler Perotte®<, Juan M. Banda®, Christian G. Reich®",

Lisa M. Schilling“™, Michael E. Matheny“™°, Daniella Meeker“P9, Nicole Pratt®’, and David Madigan®®
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Type 2 Diabetes Mellitus

Metformin

CCAE

A

Glicazide [

pioglitazone .

sitagliptin .

glimepiride .

Glipizide .

rosiglitazone .

Glyburide [l

Insulin, Glargine, Human .
exenatide [l

Insulin, Aspart, Human .
saxagliptin [l

Hypertension

Hydrochlorothiazide .
Lisinopril
Metoprolol [l
Amiodipine .
Furosemide -
Losartan .
Atenolol [l
vaisartan [l
carvedilol .
Triamterene .
Diltiazem .
Ramipril [}
benazepril [l
olmesartan .
spironolactone [l
clonidine [l

cumc

Y

Depression

Citalopram
Bupropion
Sertraline
Escitalopram

Fluoxetine

Trazodone
venlafaxine .
duloxetine -
Paroxetine [l
Amitriptyline .
Mirtazapine [l
Desvenlafaxine [l
Nortriptyline .
Doxepin [l

=
=
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OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

OHDSI

OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS.

European Medical Information Framework
latform for data d ery, assessment and (re)use

©

vl Registries
= ond conot

EMIF: OMOP-CDM, OHD3SI

Alzheimer’s

s Mapped 10 European Databases to the
OMOP-CDM

e iy predictors of mefabolic . —r s Contributes to the extension of the CDM

Sy e - = and Standardized Vocabularies to
accommeodate the Eurcpean dafa

s Supports the European OHDSI inifictive to
stimulate adoption of the CDM and

Identity. predictors of Alzheimes's
Disease (AD) in the pre-clinical
and prodiomel phase

RESEARCH|

Metabolic

EMIFZOZzJk http://www.emif.eu/
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KOREA OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

Who We Are ing Code Tool S Ed Publicati OHDSI Link

Welcome to KOHDSI!

The Korea Observational Health Data Sciences and Informatics (or KOHDSI, pronounced "Kodyssey") program is a multi-stakeholder, interdisciplinary
collaborative to bring out the value of health data through large-scale analytics. All our solutions are open-source.

KOHDSI has i an i i
University School Of Medicine(AUSOM).

network of and i health datab: with a central linating center housed at Ajou

ARIETY OF SOURCES
DIFFERENT MODELS

via. OHDSI

@ Aou unversTY  KHIDI erzwaengs

Department of Medical Informatics, Ajou University School of Medicine
442753, Wonchun-dong, Suwon, Republic of Korea
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ERENEREEEMENERS ESHEEIITE
« OHDSIFHE Eif
« OHDSIFE FARA
« OHDSI China Working Group_(English)
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The latest situation of OHDSI
in Asia, Europe and
the United States

Mui Van Zandt

Director Product Development

IQVIA

Mui is a Director of Product Development at IGQVIA, managing the OMOP Factory. Mui's area of expertise
include software development, data conversions, agile process, and project management. The OMOP
Factory has been performing OMOP ETL conversions on over 12 different datasets in 6 different countries.
Mui has gained extensive knowledge working on large patient databases in the OMOP model and the
standard vocabularies that are needed to support these conversions

Mui is an active contributor to the community through various OHDSI working groups. She is one of the co-
leaders of the China OMOFP CDM/Nocabulary working group. She leads two of the sub-working groups within
the THEMIS working group. She has and continues to perform OMOP tutorial trainings to many different
organizations and conference, such as the OHDSI Symposiums, the China Hackathons, and individual
universities.

11
https://www.ohdsi.org/who-we-are/collaborators/mui-van-zandt/



The situation of secondary use
of clinical data in Japan




Types of clinical databases in Japan

“ semi Real-time |

Detailed record Register

incl. Iab data (by hand or automatic)
o

Claims- Pharmacies
DB

DPC data
(Quarterly, Anonymized)

Claims
(Monthly)

-
-DB

Anonymized Claims Data

All data by patient All patients data
(Cross hospital)

13



Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(1)

B Hospital-based

e N T

MID-NET

EBM Provider MDV Co.,Ltd.

RWD-DB

MIA

PMDA

RWD Co.,Ltd.

NHO

JMDC C. DB JMDC

CCT

NCDA

CCT K.K.

NHO

Reference:

25M

20M

20M

5.4M

3.6M

1.eM

SS-MIX2, DPC, Claims  High Quality
DPC, Claims, Lab, others  Major in HB
DPC, Claims, EMR, Lab

DPC, Claims 1 stop service
DPC, Claims

DPC, Claims, EMR, Lab

SS-MIX2, Lab, etc. 1 stop service

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology. 14



Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(2)

B Insurance-based

e N T

MHLW All Patients  Claims The Big One, non-profit use only
JMDC C. DB JMDC 5.6M Claims Major in IB
MinaCare MinaCare 5.6M Claims, others.
Medi-Scope Kyowa Kikaku 5.5M Claims, others
JammNet JammNet 2.8M Claims
Reference:

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology.
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Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(3)

B Pharmacy-based

DB name 5 Ul Data Source
ID/year

IQVIA NPA IQVIA Sol. JP a. Claims
JMIRI JMIRI 11M Pha. Claims
Medi-Trend Kyowa Kikaku 3.5M Pha. Claims
NihonChouzai a.k.a.Nl.hon- 3.1M Pha. Claims, others
Chouzai
PFR CCT K.K. 1.6M Others
Reference:

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology.
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Personal Information Protection Law in Japan

B Personal Information Protection Law
Passing PHI to third parties is highly restricted.
® Individual agreement = OK
® Gov’s execution under a low = OK (without individual agreement)
® Opt-out permission = banned for PHI
® Usual anonymized data -2 Virtually impossible

(Most anonymized data are possible to identify individuals

by matching with some additional information)

Instead, "TOKUMEI KAKOU" (anonymous processing) is provided in the PIP low.
® By following specific procedures and rules, anonymized data can be passed.

® |dentifying individuals is banned.

B Next Generation Medical Infrastructure Law (Medical Big Data Law)

® |t partially overwrites the PIP low.
@® Certified corporations can collect non-anonymized PHI from hospitals with

the “careful opt-out” permission.
® The corporations can merge the data using patient ID and pass the
extracted TOKUMEI KAKOU data to third parties.

17



Next Generation Medical Infrastructure Law (Medical Big Data Law)

Enforced since May 2018

Overview (‘D Certified operator company follows

duty about anonymous information.

Patient X Information is collectable without
Patient Y individual consent.

Patient Z @ Government certifies operators.

[ Value feedback ]

Achievement
C(_’St' New drug
effectiveness
: development
analysis

Discovery of
unknown side

Certified :
Operator A Anonymi- Certified

zation - gperator B

J

N

Pharma. Research
company Institute

e e e

18
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IHW group’s concept of Health and Welfare Clinical Information Database (HWCI-DB)

] o To become one of Japan's
Accumulate medical care leading data utilization bases
information from each facility with high degree of
and form a database internationality

Graduate courses:
: * Health welfare data science
% ke —— * Health information analyst

Multi-facility
database

International open standards
OMOP-CDM

Reserarch

C . ith Clinical Hospital
DB wlt Support management
other DB projects
19




Self-Introduction

20



The latest situation of OHDSI
in Asia, Europe and
the United States

Mui Van Zandt

Director Product Development

IQVIA

Mui is a Director of Product Development at IGQVIA, managing the OMOP Factory. Mui's area of expertise
include software development, data conversions, agile process, and project management. The OMOP
Factory has been performing OMOP ETL conversions on over 12 different datasets in 6 different countries.
Mui has gained extensive knowledge working on large patient databases in the OMOP model and the
standard vocabularies that are needed to support these conversions

Mui is an active contributor to the community through various OHDSI working groups. She is one of the co-
leaders of the China OMOFP CDM/Nocabulary working group. She leads two of the sub-working groups within
the THEMIS working group. She has and continues to perform OMOP tutorial trainings to many different
organizations and conference, such as the OHDSI Symposiums, the China Hackathons, and individual
universities.

21
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The situation of secondary use
of clinical data in Japan




Types of clinical databases in Japan

“ semi Real-time |

Detailed record Register

incl. Iab data (by hand or automatic)
o

Claims- Pharmacies
DB

DPC data
(Quarterly, Anonymized)

Claims
(Monthly)

-
-DB

Anonymized Claims Data

All data by patient All patients data
(Cross hospital)
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Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(1)

B Hospital-based

e N T

MID-NET

EBM Provider MDV Co.,Ltd.

RWD-DB

MIA

PMDA

RWD Co.,Ltd.

NHO

JMDC C. DB JMDC

CCT

NCDA

CCT K.K.

NHO

Reference:

25M

20M

20M

5.4M

3.6M

1.eM

SS-MIX2, DPC, Claims  High Quality
DPC, Claims, Lab, others  Major in HB
DPC, Claims, EMR, Lab

DPC, Claims 1 stop service
DPC, Claims

DPC, Claims, EMR, Lab

SS-MIX2, Lab, etc. 1 stop service

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology. 24



Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(2)

B Insurance-based

e N T

MHLW All Patients  Claims The Big One, non-profit use only
JMDC C. DB JMDC 5.6M Claims Major in IB
MinaCare MinaCare 5.6M Claims, others.
Medi-Scope Kyowa Kikaku 5.5M Claims, others
JammNet JammNet 2.8M Claims
Reference:

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology.
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Major Japanese databases in Japan available for clinical/pharmaco-epidemiology(3)

B Pharmacy-based

DB name 5 Ul Data Source
ID/year

IQVIA NPA IQVIA Sol. JP a. Claims
JMIRI JMIRI 11M Pha. Claims
Medi-Trend Kyowa Kikaku 3.5M Pha. Claims
NihonChouzai a.k.a.Nl.hon- 3.1M Pha. Claims, others
Chouzai
PFR CCT K.K. 1.6M Others
Reference:

Pharmacoepidemiology & Database Taskforce, Japanese Society for Pharmacoepidemiology.
Survey of Japanese databases in Japan available for clinical/pharmacoepidemiology.
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Personal Information Protection Law in Japan

B Personal Information Protection Law
Passing PHI to third parties is highly restricted.
® Individual agreement = OK
® Gov’s execution under a low = OK (without individual agreement)
® Opt-out permission = banned for PHI
® Usual anonymized data -2 Virtually impossible

(Most anonymized data are possible to identify individuals

by matching with some additional information)

Instead, "TOKUMEI KAKOU" (anonymous processing) is provided in the PIP low.
® By following specific procedures and rules, anonymized data can be passed.

® |dentifying individuals is banned.

B Next Generation Medical Infrastructure Law (Medical Big Data Law)

® |t partially overwrites the PIP low.
@® Certified corporations can collect non-anonymized PHI from hospitals with

the “careful opt-out” permission.
® The corporations can merge the data using patient ID and pass the
extracted TOKUMEI KAKOU data to third parties.
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Next Generation Medical Infrastructure Law (Medical Big Data Law)

Enforced since May 2018

Overview (‘D Certified operator company follows

duty about anonymous information.

Patient X Information is collectable without
Patient Y individual consent.

Patient Z @ Government certifies operators.

[ Value feedback ]

Achievement
C(_’St' New drug
effectiveness
: development
analysis

Discovery of
unknown side

Certified :
Operator A Anonymi- Certified

zation - gperator B

J
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Pharma. Research
company Institute
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IHW group’s concept of Health and Welfare Clinical Information Database (HWCI-DB)

] o To become one of Japan's
Accumulate medical care leading data utilization bases
information from each facility with high degree of
and form a database internationality

Graduate courses:
: * Health welfare data science
% ke —— * Health information analyst

Multi-facility
database

International open standards
OMOP-CDM

Reserarch

C . ith Clinical Hospital
DB wlt Support management
other DB projects
29




OMOP-JV

The Intermediate Format
with
Japanese Vocabularies




Difficulty of using OMOP-CDM in Japan

B OMOP-CDM assumes the use of standard terms mainly
used in the United States such as SNOMED-CT, RxNorm, and
LOINC.

SNOMED-CT : medicine-clinical terms including disease names.

RxNorm : normalized names for clinical drugs.
LOINC : names and codes for identifying medical laboratory observations.

B SNOMED-CT is not available in Japan due to license issue.
RxNorm is for US pharmaceutical products, and LOINC is not
used in Japan. Unification of the LOINC subset to be used is

also an issue.

B For domestic use in Japan, it may be better to use the
domestic standard as it is.

Copyright 2019 T.Hiramatsu 31



SNOMED Members

B MEMBERS
| AFFILIATE LICENSES

AS OF JANUARY 2019

International

http://www.snomed.org/our-stakeholders/members 32



Intermediate Format for Domestic Use

SS-MIX2
— Claims
- DPC
d
=
©
L
a Lab data
- CSsv

pseudonymization

Domestic Use

OMOP Common Data Model International Use

with Japanese Vocabulary Vocabulary

q )
Conversion

pseudonymization

OMOP-JV OMOP
—
OMOP

—

Code conv.

pseudonymization

OMOP

Conv. To std code

Ready in many hospitals

% Using the same correspondence
table for pseudonymization, you can
combine claims and lab values.

Extract freely
with SQL

Same DB format even if the
data source is different. Analysis data
(Built with common RDB) set

Phenotyping
Research

Copyright 2019 T.Hiramatsu

Lab data
offset
research

Various
tools

Many can be used with JV

33



OMOP-JV : OMOP-CDM form in Japan domestic use

B Use Japanese standard terminology
* Disease name: Electronic claims disease name, MEDIS

standard disease name, or DPC diagnosis code.
* Drugs: YJ code, electronic claims code, or HOT code.
* Clinical exam: JLAC 10/11

B Add fields for domestic use
* To put Japanese standard terms as they are.
* Multiple standard terminology are also included.
* Data source dependent information is also included.

If you delete the additional fields, OMOP-JV becomes global
OMOP-CDM as it is. (except Vocabulary)

Copyright 2019 T.Hiramatsu 34



OMOP-CDM Constitution

(ver5.0)
Person
N : ) Standardized health system data Standardized meta-data
Observation_period
Location [€ Care_site CDM_source
> Specimen A
Provider
Death Concept
Payer_plan_period Vocabulary
(1] Visit_occurrence < (7,
E = o Domain
© I Visit_cost = o
© n o Y
O Procedure_ occurrence [€ e E Concept_class g_
iE : — m
3 EEEEEEEEEEEEENANENENNENNNNNN N Procedure_cost 0‘ E R . a
. 3 a5 Concept_relationship =
5 Drug_exposure < 52 N
= llllllllllll ----------- - S (*] Relati hi =1
T Drug_cost Q elationship g
] : =
> o
-g Dewce_Txposure Concept_synonym g
S Device_cost c
n — . Concept_ancestor o
Condition_occurrence = =
w
Cohort g u Source_to_concept_map
Measurement < < 8
. (1] =
| Cohort_attribute I o
- o Drug_strength
Note < o - -
Condition_era o Q h Sefinti
Observation - 2 B Cohort_definition
Drug_era Dose_era = Q. Attribute definiti
Fact_relationship » ribute_definition

35



OMOP-JV clinica data table (drug)

DRUG_EXPOSURE |drug_exposure_id YATLLKEEEND@EY DERFERIDnteger) VI1Z—YE. #F—
NEEFERER person_id EH=FERALLEBEOESED

drug_concept_id BRI AEENLCEEZHA T = R @IDinteger) HjvTEYJE AL NLS
drug_exposure_start_date Zr=EFRREELCEM (aFEEE. BB, FhEEFETEANREE R )
drug_exposure_start_datetime |ER=ERBERLLCER (RFHBE. BFE. FLREETEASBEEERER)
drug_exposure_end_date FROERETAH
drug_exposure_end_datetime FEROERETER
verbatim_end_date AT ACREthTVSETEEETREC) /I FLES
drug_type_concept_ic FHEAOHELETTERESC I 7 RDIMRFA—F ., ERiHE. FAASERT, (-4 2 JFA)=@m5- )
stop_reason FERGIEOBES (§ LA BT, TE, EETY)
refills BINNAFHEVEEXDN ( BTN0REDLES0)
quantity mErxh S 0FEAOR (FEMEHSE ) VTRIBEREEESH 1 & Eok B Edose unit_source valuellEE® T S
days_supply FRIMRE B (integen)
sig fE#E& T LB AESig) (B 1tsp poBIDfor 10 days) # vTEEES 4 S P BSH I xE®:E)
route_concapt_id #EREs T E E=0 0+ 7 ~Dintegen)
lot_number FHCHEETICE G20y RESE
provider_id EREREEELE (25 vE5%To1 ) EFSID (PROVIDERtable) I EFEEAL T Ta<, VERZHFHE0K
visit_occurrence_id EHFERABERE - EREAOEED (VISIT_OCCURRENCE table®@keylD)  visit_occcurrence_idE T2 T AR hA S,
visit_detail_id VISIT_DETAIL table®ID ! jvFiEvisit_concept_idi A A Ea)1E L s
drug_source_value TT—RCBENTVASERAS(O—RER) | TEAETETHASENSELTE2YH., T8 EBA5.
drug_source_concept_id TT—HCEEnTVAI—RERE (HOTYLE%RA ) C&22con (TOOMOPTESEI - RO LAE )
route_source_value EF—ALLREEth TS HEERES
dose_unit_source_value AF—ASCREEh TS AROBEHER ) jvTEquantity DB & HESE ( Tab, mil, £ ) x(single /day full)

S #E0B) |jv_visit_kind ESZSHBO0—S& L TES AL ANES, visittableAO AASHE- BET2EESH S A S,

T RE0DE)|jv_drug_yjcode YJI2O— REFHETYE A TECE E=E, 09954 )

F 0B jv_drug_hotcode HOT9O— REFABI Y 7Bk L®E, 99854 )

S REDE) | jv_drug_rececode LEtRBI-RYFRRAETYE - 7BCELEE)

S #0E) |jv_drug_miscinfo COEERFERCEL TOHEOEAEE ( o0 QUERY_STRINGE EER)

S #DE) |aux_source_pointer IT—2gaE0RAEmE TR > AEEESHEL L0 RasciXFRMEL THEA )

S EDE) | aux_source_infotime F—ATASET—A=E L\ IONELEAERTER/IT—STH s DAEERS

S R0DE)|aux_updatetime FLOI-ROBRETHER

Copyright 2019 T.Hiramatsu Tentative, may change later.




OMOP-JV clinica data table (measurment)

Measurment table: Lab Test, etc.

measurement_id
person_id
measurement_concept_id
measurement_date
measurement_datetime

measurement_type_concepi_ic

operator_concept_ic
value_as_number
value_as_concept_id
unit_concept_id

range_low

range_high

provider_id
visit_occurrence_id
visit_detail_id
measurement_source_value

measurement_source_concept_id

unit_source_value
value_source_value
jw_lab_rececode
jv_lab_jlacio
jw_lab_jlac11
jv_lab_loinc
jv_measurement_miscinfo
aux_source_unit
aux_source_pointer
aux_source_infotime
aux_updatetime

{#2 mAFEOIDnteger) [ 1-_—TE, FF—. BIGINTZE

AEARBREES N -BEEDEEID (PERSON table)

AlEOEE] &7 ~D (CONCEPT table) // BE[C T ¥ 7 TERNFEE" 0. JWVEERERjlac10
AlzEo "B,

HEm THE,
HEEoHmEFRTSaEE0 7 R0 FidRE, iERE. BEYndE
value_as_numberBL L £ "SR OLE (<, £, = 2, O EE] CETRD F EEREERMI (=STEOK)

AEERETIHED L2 OEFE ( Z8MEAT ) . NULLE
AEEEAATIOUVCPEEQOLEOERED I 7 HD, NULLE /BB, EF2E, 0l "7 —258,
HRERGOEE] =7 D (CONCEPT table) /f EE— R EBRECEGAEL L INEREna G2 SICESR.
EEETR (T8 aa%) EEAETR. RRYUFESERTEYDBLANDLOTREV,
EEELR(Z8 80%) EEEELRE. SRYUFESERTEYDBLAND2E0TEEV,
HETHLICETOLHEREED (PROVIDER table) / EEEE AT TEL, vTREEREOK
AENEEE N ERHBOEPID (VISIT_OCCURRENCE table) / F24f T ASEEA"1 4 3 (visit_concept)
VISIT_DETAIL table@ID

AT—ZCEEATVRIAER V TEALHETHADEESELTLAN, T 2B @825 .
AF—AILBEAT U Bkeyt B35 0— REE ( JLACY L EPER ) D& Bcon. BRI— KA AEEAI—K
AT—RCEENTV2AEEE FAO—krAsT—FILEsIVEEREED

value_as_number® B value_as_concepi_idM LR a, m7— 2B h TV AEEEX=H
LEBI—RKEIYEXTRBICBEEE ) [/ cocept tablelCEFR L THEL I L

JLACIOO— R(BEY Y TRICE EE/E ) // cocept tablelCEERB L TH< &

JLACIIO— KRBT YEIRICE LB/E ) // cocept tablelZERBRE L THE< L

LOINCO— REVYETRBICEERE ) I/ cocept tablelCBRER L THL I E

COARICER S O OEEES ( coidQUERY_STRINGE FS) BEEBIDe Z o~
ETF—RCEENTVAEY QELEXZ (ZRMFHT225862)

AT —FEEOBREMET TR Y EERES Lt O RasciXFFHLL THEM )
F—ATASTETF—AEVIRELEARETEIN (F-ATHSORBHEBEINES

Ld-koBEEHEE

int

int

int

date
datetime
int

int

float

int

int

float

float

int

int

int
varchar(50)
int
varchar(50)
varchar(s0)
varchar(20)
varchar(20)
varchar(20)
varchar(20)
varchar(8000)
varchar(20)
varchar(50)
datetime

- - S o S oD o oS O O O O O O O O O O O S O O MmO e e g

timestamp

Tentative, may change later.
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Structured by decimal digits

M Drug

JV Concept Code Allocation (Drug & Measurment)

JUEIE T

local DivyH

claims data DPC data

S5—mixe

drug_concept_id
drug_type

00 S0%d dddd
00 3020 Otnn

00 500d dddd

00 S00d dddd

00 S00d dddd

00 3020 090n 00 3020 0ab 00 2020 0300 00 3020 040n

drug_source_concept_id 00 51dd dddd — 1F FEFE Prer Of{f)
route 00 2027 nnnn - 00 d2ce aabb
jv_drugname_concept_id 00 §1dd dddd - - O({R)
Bl Measurment

JY allocation | local DwH claims data OPC data SS5—Imixe Lakb 5V
measurement_concept_id 0 G4dd dddd — 0 0 00 G4dd dddd 00 54dd dddd

measurement_type
operator
value_as_concept_id
unit_concept_id

rmeasurement_source_concepi_id

00 3040 aabb
00 3047 Q00
00 4002 dddd
00 4003 dddd

depends

Q0 3040 0507
Q03047 000N
00 4002 dddd
00 40003 dddd
00 5104 dddd

00 3040 0107

1r rrrr rrrr 1r rrrr rrer

00 3040 0307

00 3040 0401

00 3047 Q00

00 4002 dddd

00 4003 dddd
0

00 3040 0507
Q03047 000N
00 4002 dddd
00 40003 dddd
00 5104 dddd

Tentative, may change later.
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JV Concept Code Rule

B special concept codes (predefined)
70 Male / 78 Female, 73 Inpatient / 79 Outpatient
(Decimal representation of the initial letters' ASCIl code)

M 8 digits

001 (reserved)

00 2nnn nnnn : predefined (use disease name mnt# as conlD)
00 3XXX nnnn : predefined (< 4 digits) conID. XXX=class

00 40XX dddd : dynamic (< 4 digits) conlD (clinical data)

00 41XX dddd : dynamic (< 4 digits) conlD (health system data)
00 5XXd dddd : dynamic (5 digits) conID e.g. drugs, lab data
00 6Xdd dddd : dynamic (6 digits) conID

007 (reserved)

00 8XXX XXXX : omop-jv patient id
009 (reserved)

Mo digits

01 (reserved)

06 XXdd dddd : dynamic (6 digits) conID expansion
07 Xddd dddd : dynamic (7 digits) conID

08 (reserved)
09 (reserved)
M 10 digits

1d dddd dddd : claims data code (receipt code itself) as conID
21 XXXX XXXX : not used

Tentative, may change later.
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Advantages of OMOP-JV

B Useful for domestic use
- You do not have to do unreasonable mapping.
- Analysis can be done with the granularity of standard

Japanese terms.

B Common internationalization
Mapping from Japanese standard terms to standard terms

used in global OMOP can be shared throughout Japan,
eliminating the need for each person/company to prepare

mapping tables.
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ETL tool for OMOP-JV (U-Tokyo Version)

* Re-anonymization (No

correspondence list) .
* Code mapping Proc and machine Analysis and

Data Source  Data cleaning learning tools machine
errEEERREE Ry, Anonymization (with KNIME etc earning result

correspondence table)

. * Create delivered tables

.
L]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]
[ ]

.
: Linked OMOPIY Jissele
g 1{e]§
: W/ OMOP-JV . Tableau etc.
- . nalysis &
- E Analysis and Analysis and
E . machine learning machine
= others... . program learning results
Python/R/SASZ
. 3 * Patient ID comparison
x " .

SsgssssssnnEnnmnn® functlon

* Inspection value
also be anonymized distribution table

in advance. function




ETL tool for OMOP-JV (U-Tokyo Version)

Works on Oracle VirtualBox virtual machine

VirtualBox Shared Folder

Linked
OMOP-JV
database

P N
lllllllllll

>

Oracle VM
VirtualBox

f ETL Operation

................ http://localhost:8500/

s
- browser

Copyright 2019 T.Hiramatsu

Usual MySQL data access
(Port 3306)

including ODBC connection
from MS-Access
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ETL tool for OMOP-JV (U-Tokyo Version)

[ #E0MOP-IV - omop-jv x

v &= (D localhost:B500/menu/et hid (2]
- £

e 'f<> EERB(D) 2 9 - %8 -

HRN) EREES) WE R/T(H) CLRTIY=MM H0=RY-IKG)

233 Umve,sny—Edmun @);E = FvEa- Eﬁo M o P-JV/\HR D i&a} (mECSV)

BTt JV-ETL(omop-jv)
[EIL] winEDU ARV=FTUUVAT L Red Hat (B4-bit)
[F7]

Mg = $25h )
LT hEA REFCSVEGA IDFTYY
ES AnoReceVM 2AEY 5798 ME
© B4 R Nk
PHES -3 VT-x/AMD -V, ATy R, PAE/NK KM ${RIB(E _ ) _ . )
S JV-ETL{omop-iv) Ltz FER(E BRECVER(L S5-MDEGA BREBEMEN
& =P
FATA INFO
EY - 6 MB
E Dhoat—ri—t 15306
EFAF eI Fo— i) AGANIER.
B arv-y
= Phasel: (16.71%)

(Final)
126.2 on an

Please acc 1
INfiles/LabCSV P\]IJv‘;%FﬁECSV;’ FAINO—EEZHELET.

To shutdow click "x" (clos
and choose nd the shutdouwn

ra

. FEEEOMOP-JVABGAYL

HAMMEZERITUET. IC<KERVPIDET.
EIF DEROMOP-W(IBECSVIN' B 2 CE—B2RenFT.

U-ETL login: _

AR EESD

EROMOP-VIGECSVIPD AL O— FEERTLUET.

EUALIERE Ut U, INfiles/LabCSVOIEBECSV I 7 -1 )L&E ANZEZTHI
HAMMBEEIT D CENTEET.

&P [l @ & (@ (0 (3] Right Control

EFEOMOP-JV 0.91 by T.Hiramatsu, 2018.
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A KAKENHI research has been composed of decentralized CDM

No PHI exchang®

4 N
D Claims

/]

Aggregate
results

Lab CSV Aggregate

results

T Univ.

/O Univ.

Aggregate

Aggregate
results geree

Claims v..
Lab CSV m

\ 5
a -

/J Univ.

Aggregate
results

Aggregate

Claims

O
Lab CSV m )
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Tools are stably supplied by multiple vendors

ETL tools currently have two implementations, which can be selected
according to the usage environment.

@ U-Tokyo implementation (by Hiramatsu)
- Currently in use at five universities at a KAKENHI research.
- To be provided free of charge to medical facilities etc.
- Support is limited. Need some degree of expert.

@ Commercial implementation (major vendor)
- In use at a national university.
- Provided for a fee.
- Supported by major vendors, can be adopted in large-scale business.

The detailed specifications must be the same for the two implementations.

\Z

It is necessary to establish a unified specification (OMOP-JV) and to have a
neutral "place" to check the compatibility of the implementation.

45
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Setting up OHDSI Japan
and its management
(discussion)




What to do in OHDSI Japan

® A place to establish a unified specification (OMOP-JV) and
check the compatibility between implementations.

® OMOP-JV Promotion Activities
- Free distribution of the U-Tokyo implementation.
- Holding symposia and seminars (as far as possible).
- Arrangement and adjustment of OMOP-JV utilization projects.
- Support for JLAC 10/11 mapping from hospital local code.

@® Vocabulary mapping between JV and global OMOP
-YJ code to RxNorm
- JLAC10/11 to LOINC
- Claims disease code to SNOMED-CT
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Open Issues

® Individual base? Company/Univ base?
In global OMOP?
In other countries?

® Corporation? Unincorporated association?
Just a community?

® Annual fee from member?

® Supporting member (Sponsor)?
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