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[ A multifaceted approach to advancing data quality and fitness standards in multi-institutional networks ]
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[ A multifaceted approach to advancing data quality and fitness standards in multi-institutional networks ]
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[Predicting oxcarbazepine-induced hyponatremia in adult epilepsy patients: A multicenter machine learning analysis using real-world CDM data ]
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[Predicting oxcarbazepine-induced hyponatremia in adult epilepsy patients: A multicenter machine learning analysis using real-world CDM data ]
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[Predicting oxcarbazepine-induced hyponatremia in adult epilepsy patients: A multicenter machine learning analysis using real-world CDM data ]
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[Predicting oxcarbazepine-induced hyponatremia in adult epilepsy patients: A multicenter machine learning analysis using real-world CDM data ]
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[Predicting oxcarbazepine-induced hyponatremia in adult epilepsy patients: A multicenter machine learning analysis using real-world CDM data ]
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[ Evaluation of hybrid stroke quality indicators by integrating NIHSS and claims data for improved outcome prediction. ]
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[ Evaluation of hybrid stroke quality indicators by integrating NIHSS and claims data for improved outcome prediction. ]
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[ Evaluation of hybrid stroke quality indicators by integrating NIHSS and claims data for improved outcome prediction. ]
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[ Evaluation of hybrid stroke quality indicators by integrating NIHSS and claims data for improved outcome prediction. ]
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[ Evaluation of hybrid stroke quality indicators by integrating NIHSS and claims data for improved outcome prediction. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Kineret: Israel’s Largest Hospital Network Transformed into the OMOP common data model for collaborative research. ]
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[ Development and validation of a computable phenotype for adolescent idiopathic scoliosis. ]
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[ Development and validation of a computable phenotype for adolescent idiopathic scoliosis. ]
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[ Development and validation of a computable phenotype for adolescent idiopathic scoliosis. ]
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[ Development and validation of a computable phenotype for adolescent idiopathic scoliosis. ]
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[ Current Use of Common Data Models in the Nordic Countries. ]
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[ The AIR-MS data platform for artificial intelligence in healthcare. ]
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[ The AIR-MS data platform for artificial intelligence in healthcare. ]
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[ The AIR-MS data platform for artificial intelligence in healthcare. ]
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[ The AIR-MS data platform for artificial intelligence in healthcare. ]
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[ Common data models and data standards for tabular health data: a systematic review. ]
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[ Common data models and data standards for tabular health data: a systematic review. ]
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[ Common data models and data standards for tabular health data: a systematic review. ]
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[ Common data models and data standards for tabular health data: a systematic review. ]
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[ Common data models and data standards for tabular health data: a systematic review. ]
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[ Comparative Effectiveness of Selective Serotonin Reuptake Inhibitors versus Serotonin-Norepinephrine Reuptake Inhibitors in the Risk of Diagnostic Conversion from Unipolar
Depression to Bipolar Disorder. ]
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[ Comparative Effectiveness of Selective Serotonin Reuptake Inhibitors versus Serotonin-Norepinephrine Reuptake Inhibitors in the Risk of Diagnostic Conversion from Unipolar
Depression to Bipolar Disorder. ]
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> Graefes Arch Clin Exp Ophthalmol. 2025 Dec 29. doi: 10.1007/s00417-025-07081-4. PMID 41460325
Online ahead of print.

Initiation of a global consortium to study the
progression of age-related macular degeneration:
RIMR AMD consortium report # 1

Srinivas R Sadda ' 2 3, Charles C Wykoff 4, Itay Chowers >, Jean-Francois Korobelnik © 7,
Raja Narayana 8, Rajeev R Pappuru &, Frank G Holz , Robyn Guymer 19,

Chui Ming Gemmy Cheung ', David S Boyer 2, Michael Ip '* " 15, Heiko G Niessen '°,

Nancy Holenkamp 17, Mary Durbin '8, Stephanie Magazzeni '?, Anne-Marie Cairns 2,

t2‘1 181 22

Carlos Ciller 2", Natasa Jovic 2!, Joseph Blair 2!, Sandro De Zanet 2!, Aaron Y Lee

IRIMR AMD Consortium, Pasadena, CA, USA. ssadda@doheny.org.
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4Retina Consultants of Texas, Houston, TX, USA.

5Hadassah Medical Center, Faculty of Medicine, the Hebrew University of Jerusalem, Jerusalem, Israel.

6CHU Bordeaux, Service d'ophtalmologie, France.

7University of Bordeaux, INSERM, BPH, UMR1219, Bordeaux, F-33000, France.

8Anant Bajaj Retina Institute, L.V. Prasad Eye Institute, Hyderabad, India.

°Department of Ophthalmology, University of Bonn, Bonn, Germany.

10Center for Eye Research Australia, Royal Victorian Eye and Ear Hospital, The University of Melbourne, Melbourne, Australia.
11Singapore National Eye Center, Singapore, Singapore.

12Retina Vitreous Associates, Los Angeles, CA, USA.

13RIMR AMD Consortium, Pasadena, CA, USA.

14Doheny Eye Institute, 150 North Orange Grove Blvd, Pasadena, CA, 91103, USA.

15Department of Ophthalmology, University of California - Los Angeles, Los Angeles, CA, USA.

16Boehringer Ingelheim Pharma GmbH & Co. KG, Biberach, Germany.
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> Acta Oncol. 2026 Jan 6:65:1-8. doi: 10.2340/1651-226X.2026.44889. PMID 41496458

Procedures of data merging in precision cancer
medicine: the PRIME-ROSE project

Henk Van der Pol 1, Tina Kringelbach 2, Maria Martin Agudo 3, Gabriel Bratseth Stav 3

Gro Live Fagereng 2, Marta Fiocco 4, Ragnhild Serum Falk °, Victoria Homer ©,
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12Helsinki University Hospital Comprehensive Cancer Center, Helsinki, Finland.
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> PLoS One. 2026 Jan 9;21(1):e0340287. doi: 10.1371/journal.pone.0340287. eCollection 2026. PMID 41511976

Assessment of the integrity of real-time electronic
health record data used in clinical research

I

Jessica Liu ', Sameer Pandya 2, Andreas Coppi 3 4, H Patrick Young 2, Harlan M Krumholz 3 4 >
Wade L Schulz 2, Guannan Gong

1 Yale Cancer Center, Yale School of Medicine, New Haven, Connecticut, United States of America.

2 Department of Laboratory Medicine, Yale University School of Medicine, New Haven,
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3 Section of Cardiovascular Medicine, Department of Internal Medicine, Yale School of Medicine,
New Haven, Connecticut, United States of America.

4 Center for Outcomes Research and Evaluation, Yale-New Haven Hospital, New Haven,
Connecticut, United States of America.

5 Department of Health Policy and Management, Yale School of Public Health, New Haven,
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> J Am Med Inform Assoc. 2025 Dec 5:0caf215. doi: 10.1093/jamia/ocaf215. Online ahead of print.

Toward semantic interoperability of imaging and
clinical data: reflections on the DICOM-OMOP

integration framework
PMID 41453141

Weihao Cheng ! 2, Zekai Yu !

1School of Computer Science and Technology, Hangzhou Dianzi University,
Hangzhou, Zhejiang Province, 310018, PR China.

2School of Communication Engineering, Hangzhou Dianzi University, Hangzhou,
Zhejiang Province, 310018, PR China.

> J Am Med Inform Assoc. 2025 Dec 24:0caf216. doi: 10.1093/jamia/ocaf216. Online ahead of print.

Response to "toward semantic interoperability of
imaging and clinical data: reflections on the DICOM-
OMOP integration framework" PMID 41453072

Woo Yeon Park ', Teri Sippel Schmidt ', Gabriel Salvador ', Kevin O'Donnell 2, Brad Genereaux ' 2,
Kyulee Jeon # ®, Seng Chan You # >, Blake E Dewey ' ©, Paul Nagy '

1Biomedical Informatics and Data Science, Johns Hopkins University, Baltimore, MD, 21205, United States.

2Canon Medical Research, Vernon Hills, IL, 60061, United States.

3NVIDIA Corporation, Santa Clara, CA, 95051, United States.

4Department of Biomedical Systems Informatics, Yonsei University College of Medicine, Seoul, 03722, Republic of Korea.
SInstitute for Innovation in Digital Healthcare, Yonsei University Health System, Seoul, 03722, Republic of Korea.
6Department of Neurology, School of Medicine, Johns Hopkins University, Baltimore, MD, 21205, United States.

a2 1

Correspondence: MI-CDMI(CEH 9B L45— &M SHSC22

B MI-CODMIZDUWTIE TSR

MI-Common Data Model: Extending
Observational Medical Outcomes Partnership-
Common Data Model (OMOP-CDM) for
Registering Medical Imaging Metadata and
Subsequent Curation Processes

PMID: 38061012
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2> JCO Clin Cancer Inform. 2026 Jan:10:e2500262. doi: 10.1200/CCI-25-00262. Epub 2026 Jan 9.
Clinical Trial Patient Matching: A Real-Time,
Common Data Model and Artificial Intelligence-
Driven System for Semiautomated Patient

Prescreening in Cancer Clinical Trials  rwp ais12220

Guannan Gong ' 2, Jessica Liu 1, Sameer Pandya 2, Cristian Taborda ' 2, Nathalie Wiesendanger 7,

Nate Price 4, Will Byron 4, Andreas Coppi > ©, Patrick Young 3, Christina Wiess ! 7,

Haley Dunning ' 7, Courtney Barganier ' 7, Rachel Brodeur ! 7, Neal Fischbach ' 2 7,

Patricia LoRusso ! 2, Lajos Pusztai ' 2, So Yeon Kim ' 2, Mariya Rozenblit ! 2,

Michael Cecchini ' 2, Anne Mongiu ' 2, Lourdes Mendez ' 2, Edward Kaftan ', Charles Torre Jr 4,
Harlan Krumholz © 8, lan Krop ' 2 7, Wade Schulz 3, Maryam Lustberg ' 2, Pamela L Kunz 7 2

lyale Cancer Center, Yale School of Medicine, New Haven, CT.

2Department of Medicine, Division of Medical Oncology, Yale School of Medicine, New Haven, CT.
3Department of Laboratory Medicine, Yale School of Medicine, New Haven, CT.

“4Digital and Technology Solutions, Yale New Haven Hospital, New Haven, CT.

>Department of Medicine, Division of Cardiovascular Medicine, Yale School of Medicine, New Haven, CT.
6Center for Outcomes Research and Evaluation, Yale-New Haven Hospital, New Haven, CT.

’Clinical Trials Office, Yale Cancer Center, Yale University, New Haven, CT.

8Department of Health Policy and Management, Yale School of Public Health, New Haven, CT.
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Where Can We Go Together in 2026
Building Connections for Future Collaborations
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- Selected Studies from OHDSI Taiwan
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@®Europe Community Call 7~
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Update on European Projects Using OMOP
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Our
Journey

Where The OHDSI Community Has Been
And Where We Are Going

2025 edition

OBSERVATIONAL HEALTH DATA SCIENCES AND INFORMATICS

https://www.ohdsi.org/wp-

content/uploads/2025/12/0Ourlour

ney-2025.pdf
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OHDSI CoLLABORATORS

Europe National Nodes

Over the last two years, OHDSI Europe developed National Nodes, which are
collections of research institutions within a member country. The Nodes
include a broad range of member groups, ranging from research institutes,
pharmaceutiocal and IT
companies, and SMEs. They
are generally led by
academic institutions and
are inclusive and open to
any organization that wants
to share experiences with

OHDSI-related work, such as Jode _ o o L o o o
mapping data to the OMOP Belglum ... LIESDEL Peeters, Annelies Verbiest, lise Vermeulen
Common Data Model or Denmark .............c.ccococonnnnen.n....... ISMail Gogenur, Martin Heyer Rose, Andreas Weinberger Rosen
performing network studies. ESONIA. ...t ae e s ne s an e s s na s ae e enn s Raivo Kolde, Sulev Reisberg
As of September 2025, . Finland............ccc...... B M S rerenrrneneneenennenns ENG FEY, Gustav Klingstedt
there are 17 National Nodes, ‘ GOIMBNY ... oo Ines Reinecke, Michele Zoch
and two more nations have QPOCE oo Anastasia Farmaki, Pantelis Natsiavas,Grigoris Papapostolou
shared their intant 1o form i HUNGANY ..o oo eeee e eeeeseeeesre s Zsolt Bagyura, Agota Mészaros
their own node. ) WEIANG. oo ...... AN Culnane, Mark Lawler, Catherine Mahoney
TIIE s o  a  R  E R B SEE S S A S ERR s Chen Yanover

BB cassnmisis B e R S T e s s LUCIA S@CCHi, Matteo Gabetta

LonmBOtRg ..o i Claudine Backes, Andreas Kremer, Maria Quaranta

IR . cooveccsims oo oo s e S b BN oS 26 ......Renske Los, Aniek Markus

IO ... oo ST S S S S SR B Espen Enerly, Siri Larenningen
BRI .. cciciisisioniod s o S B N 4 R Patricia Couceiro, Carmen Nogueira
P oot i S A R e Miguel Angel Mayer, Talita Duarte Salles
BWMZOPIINGL ... oo icivisninnsisvosemanies svissm s aies e e iasa s s ea s Olga Endrich, Karen Triep
United Kingdom_................cccoooe. e e i L e T e PGS St .Dani Prieto-Alhambra
COTNHINY BOONY ... sisiiemicmmmamssmansas mwssssonsss s omsisE s oS o SRS 56 8 SR s S SRS S i Austria, Sweden
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OHDSI CoLLABORATORS

DARWIN EU®

The European Medicines Agency (EMA) and the European Medicines Regulatory
Network established a coordination centre at Erasmus University Medical Center
Rotterdam to provide timely and reliable evidence on the use, safety and
offectiveness of medicines for human use, including vaccines, from real world

healthecare databases across the European Union (EU). This capability is called the
Data Analysis and Real World Interrogation Network (DARWIN EU®).

The DARWIN EU® data network currently includes 30 data partners across 16
nations comprising more than 181 million patients — that have been mapped to the
OMOP commeon data model. Multiple OHDSI Titan Award winners can be found leading
the DARWIN EU® coordination centre, and many OHDSI tools, methods and practices
are present in completed and ongoing studies.

b e [I————"

DARWIN EU Objectives b @ .
1) To establish and maintain a continually

enlarging network of accessible observational data Q ° @
sources e
2) To execute all steps of high quality non-inter-

ventional studies with the network

3) To make the study results available to the EU o
Regulatory network to support decision-making

o

Cwsedratirn

i

g

5
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What is the DARWIN EU® process for conducting studies?

NCAJEMA
Committee

NCA/EMA
Committee

Coordinating Centre
(NCA/EMA may be
consulted)

Data Partners
(may include
NCA/ EMA)

OHDSI CoLLABORATORS

Types of Studies

Off-The-Shelf Studles These are mainly characterisation questions that can be executed
with a generic protocol. This includes studies on disease
epidemiology, for exampie the estimation of the prevalence or
incidence of health outcomes in defined time perieds and population
groups, or drug utilization studies at the population or patient level.

Complex Studles These are studies requiring development or customisation of specific
study designs, protocols, analytics and phenotypes. This includes
studies on the safety and effectiveness of medicines and vaccines.

Routine Repeated Routine analyses based on Off-The-Shelf or Complex Studies (see
Analyses above), which are repeated with a pre-specified regularity (e.g. yearly)
Very Complex Studles Studies which cannot rely only on electronic health care databases,

or which require complex and/or novel methodological work

Number of studies

PHASE [
Estabishment
year

PHASE 1
Establishment - 18t

2nd

year

Routine Repeated =
analysis

Off the shelf 3
studies

Complex Studies 1

Very Complex 0
Studies

EufeE
% ¢ darwin-eu.org

DARWIN EU®
Leadership
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OHDSI CoLLABORATORS

EHDEN Foundation

EHDEN — the European Health Data & Evidence Network — was launched in 2019
to address the challenges of generating insights and evidenoe from real-world
olinical data at scale throughout Europe. Building on OHDSI tools and practices,
EHDEN developed a public-private consortium consisting of 25 organizations that

successfully implemented its mission: fo provide a new paradigm for the discovery
and analysis of health data in Europe, by building a large scale, sustainable federated
network of data sources standardised to the OMOP common data model.

EHDEN leaders recognized the need to continue this work, so they created the
EHDEN Foundation, which set a mission to operationalize a new paradigm for the
discovery and analysis of health data, building on a large-scale federated network of
data sources standardized to the OMOP CDM.

EHDEN Foundation Vision: The EHDEN
Foundation aspires to be the trusted key
actor in Europe to facilitate and accelerate
the generation of high-quality real-world
evidence to improve healthcare of patients.

To implement its vision, the EHDEN Foundation will
maintain the EHDEN Catalogue and EHDEN
Academy, create research opportunities for muitiple
stakeholders, execute federated studies and support
methodological and technical developments to

further expand and improve the Data Partner Network
in strong collaboration with the OHDSI community.

Learn More: £ www.ehden.eu

e o m

‘Data Disease logy Neuroscience Study-athon
Foasibility  Drug Utitisation Oncology Online Training
Study Design Drug Safuty/Effectiveness Other On-site Training
OHDSl.org 20 #JoInTheJourney




OHDSI Studyathons & Other Events

How does OHDSI go about empowering a community to collaboratively generate the evidence
that promotes better health decisions and better care?

We do it by innovating on what it means to do collaborative research.

The premise of the studyathon is simple: bring together a diverse group of researchers
alighed on a common question and focus together on collaboratively designing research
protocols, executing analyses across ro—
databases, and interpreting results over an M.:.: —

Reseaicns question? © Minivum __—__/” 71 Post-avent

intense but fun-filled few days. Ederidecits  Watcossthe | e T

Duta Scntists IREE : $ipan work willbe

OHDSI collaborators have held multiple s
study-a-thons on a wide array of topics, i g,
including orthopedic surgery, rheumatoid e

Studants

arthritis, colorectal cancer, cardiovascular et

Thoce sidliod
and experi-

prediction, prostate cancer, and COVID-19. seam

Each event has demonstrated our collective bt work

COM-mapped

ability to accomplish in a short time what e

may be unimaginable alone: and it has Outline flow of a study-a-thon. Graphic was shared in “Evaluating

provided further reinforcement of the power a novel approach to stimulate open science collaborations: a case
series of “study-a-thon” events within the OHDSI and European IMI

of community and the value of multi- communities” « Jamia Open, Volume 5, Issue 4, December 2022,
di sciplinary collaboration. 00ac100, https://doi.org/10.1093/jamiaopen/ooac100.

https://academic.oup.com/jamiaopen/article/5/4/00ac100/6832031
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EbucaTtionAL RESOURCES

Join Us at the 2026 OHDSI Summer
School at Columbia University

The Columbia OHDSI Summer School (June 22-26, 2026) offers health professionals,
researchers, and industry practitioners an immersive, hands-on introduction to
working with real-world health data and generating real-world evidence (RWE).
Participants will learn how to transform electronic health records and claims data into
the OMOP Common Data Model to support collaborative, distributed research.

Froaram nigniugnits
« Explore three analytic use cases:
- Clinical characterization - describing disease natural history and treatment patlems
- Population-level estimation — assessing drug safety and comparative effectiveness
- Patient-level prediction — applying machine learning for early detection and precision
medicine
« Work through the full RWE study lifecycle: study design, use of OHDSI open-source R T A
tools (ATLAS, HADES), and execution across real-world datasets -
* Blend of foundational lectures, interactive exercises, and faculty-led group work
+ Dedicated time to develop your own study ideas with mentoring and feedback

ve

Ideal for clinicians, data scientists, statisticians, epidemiologists, informaticians, health =
policy researchers, and professionals from academia, healthcare, industry, and government. BT
No programming experience required.

“The OHDSI Summer School exceeded all expectations. The course offered a deep,
hands-on dive into real-world data methodology, led by world-class instructors and
supported by an incredibly open, collaborative community. Working hands-on with a team
to explore a real research question brought the full OHDSI workflow 1o life. | highly
recommend this course 1o anyone working with health data, especially clinical scientists and
data scientists eager to strengthen their skills in transparent, high-quality RWD research.”

- David Bard, Professor of Pedlatrics and Director, Blomedical & Behavioral
Methodology Core, University of Oklahoma

“l particularly appreciated the OHDSI system in conducting the observational study to
generate real-world evidence, as well as the methodology that handled hundreds of
covariates, and the application of a negative control outcome to validate the research results. Through this summer school
course, | gained a deeper understanding of OHDSI and its potential to generate real-world evidence.”
- Long-Sheng Chen, Professor, Natlonal Talpel University of Technology, Talwan
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Darta Stanparps Data StanparDps

OMOP CDM Data Sources

The OMOP Common Data Model is an open community data standard, freely available to anyone who would
like to standardize their patient-level data into a format that makes it easier to perform analyses and generate
reliable evidence. OHDSI prides itself on stewarding the OMOP Common Data Model as a community resource,
and actively encourages its adoption through varous workgroups, open-source tool development, and
educational sessions, and collaborative support.

As of September 2024, there are 544 data sources from 54 different countries which have been standardized to
the OMOP Common Data Model. These data sources contain a range of patient-level observations from various
than 974 million unique patient records, representing approximately 129% of the world's population.
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Data StanpaRrDS

OHDSI Evidence Network

In this section, you learned about the OMOP Common Data Model, our foundational tool which
standardizes patient-level data. You saw the reach of OMOP, which connects nearly one billion
patients across six different continents in a way no other community can match.

However, if we aren’t using this data to make an impact, we are wasting an incredible resource.
We are building the OHDSI Evidence Network to give researchers faster access to real-world
data. This is an ongoing priority in OHDSI, and we are excited about the early progress. We share

a responsibility to empower network studies so we can generate reliable real-world evidence.

Data partners from across 15 nations and six continents have already joined the Evidence
Network, and we are always looking to add more. You can learn more at our website:
ohdsi.github.io/F vi Network

University of New Mexico

[ . i |
Al Astrala EMR am Unied Stanes. Merative MOCR 1w

B frem A B lgurn LD 1M Unaed Sunes Meratre CCAL 1™

Frarce France LPD 17am

Germany HOVIA Germary O& 40 8M

Spain U0 Span am = r : —

Uned Gngdon UKIMAD EMS S Py -.;«b-»é«-.::- School of .2 o

Unaed Staes. US Mosptal nam teduine

unted St US Open Claims 89 8w

Unaed States LS Phartdetrcs Fus 170.2m

Clinical Hospital Center Zvezdara

Johnson & Johnson

Ce | Sowrce Nam erd Court Columbia University
lagan mMoC 176M

Unted Stmes Pecative MOCR 1w : :

Unted Staes Aaecative CCAE mam L -
Unted Stes Aerative MOCD 306.1M ] m’::‘;::a’l e ™
United States Premer e

Unined Staes Gptum Cinformatcs saIM

Unted States Optum Ex 148

Boehringer Ingelheim

GUSTO Singapore Cohort

lwgan s M

United States. Cptum CinFormatas L ST Ceuntry | Souree Nas Pas
United States Optum Market Oary 900 Segapore GUSTO Singapore Cobort ~ 2.6¢
OHDSl.org 60

Dara StanparDs

HealthPartners Institute

United States HeakhPartne's Data M

evidencenetwork@ohdsi.org
Stanford University

Unted Stanes Sanford Revtarch R
rpeatony
Taipei Medical University
T WI;(II‘;JIMM(I ER
Dacatiese

United Stanes Tufts Research Data 1.4

United Stanes Penn Stane Health B

UC Heatn ama

Brazi QATASUS Ll

Semmelweis University

Hungary Semmetmeis Unven iy 150
Climisal Outabure

0 : 1 L
tores Seoul National Ushwersty 2.1
Sundang ot

fores Seoul National Uskrersty  2.1M
Hagis

SMG-SNU Boramae Medical Center

Yonsei University Hospital

Cored SNIG-SNU Borarmat m manaiend A8 2l L
Medaal Conter Tores Yoasei University Hospital 6.4

61 OHDSl.org

100



Data Stanparps

OMOP and FHIR

When the OMOP CDM and FHIR (a healthcare data exchange standard) work together, they im-
prove healthcare data sharing and research. OMOP organizes large amounts of patient data from

different sources, while FHIR ensures secure and standardized data exchange between systems.
Combining the two allows researchers and healthcare providers to access and use patient data more
efficiently, improving precision medicine, personalized treatments, and overall patient care. It also
enhances collaboration across hospitals, research institutions, and healthcare technologies, leading
to better outcomes and innovations in medical care.

2025 Update

In September 2025, the OHDSI and HL7 communities reached a historic milestone with the successful baliot
of the FHIR to OMOP Impiementation Guide (IG) v1.0, marking a foundational, formally vetied stanaard for
transforming healthcare data between these wo critical [rameworks.

Why This Matters

This IG briages two dominant open-source standards, creating a force multiplier for giobal heaith research
and real- workd evidence generation. With 712 of countries actively using FHIR for national heaithcare
Inftiatives and over @50 million patient records stored in OMOP formal, standardized ranstormations between
the advances OHDSI's RW evidence generation goals. The IG provides standardization of core-canonical
EHR data element transformations to OMOP, creating more uniform transformations from FHIR and reducing
redundant ETL efiorts.

What Was Accomplished
Alter 2+ years of collaboration invoiving 100+ participants from 80+ organizations, in partnership with and
sponsored by the Vuican FHIR accelerator, the working group delivered:

Pragmatic Guidance: Best practices distilled from proven impiementations; Detalled concept mapping
principies with declision logic; Three common mapping patterns for any transtormation scenario

Technical Artifacts: OMOP CDM logical modeis expressed in FHIR; Machine-
feadabie Structure Maps for automated transiormations; Validation packages tested
tnrough Connectathons; Estabilshment of Echidna FHIR Terminology Server for OHDSI
vocabularies

The IG has just compieted its inftial informative Baliot round! Already the FHIR-t0-OMOP IG Is
Increasingly being cited as an authorRialive fesource across the healthcare gala community. ThIS recognition
validates our team's efforts and the broader community working to bridge clinical care and research data standards.
As we move forward, we're actively Incorporating feedback from HL7 members and community stakeholders
to refine and strengthen the guide. If you're interested in Shaping this imporant work, we'd love 1o hear from
you — links to comment and resources can be found under the Support tab In the IG. Your Insights help us
improve the IG Defore it moves forward as a Standard for Trial Use (STU) in an upcoming HL7 baliot

- Davera Gabriel
FHIR to OMOP IG Co-Author
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OPeEN-SoURCE SOFTWARE

Strategus

The OHDSI Strategus package Is a tool that helps researchers run large-scale
healthdatastudlesmoreeasllyandconsistently.Instead ofneedingtoplecetogether

different programs or workflows, Strategus provides a standardized way to
deslgn, execute, and share analyses across many healthcare databases. This
makes It faster and more rellable to generate evidence about treatments,
diseases, and outcomes.

m Distributed Research Network

* Asite can lead a study c, udy lead

* Analysis code is developed locally IIIsn A -sn 8
* Code is distributed to study cm
participants

* Results are generated (aggregated
statistics)

* Results are sent back to lead site i Site C 1l Site D

* Evidence is synthesized - -

Stqh_]i'wﬂ)_

|m Strategus for study execution
L |

ATLAS

i
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